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1 Introduction 

1.1 Background and motivation 

With the adoption of the Artificial Intelligence Act (hereafter “AI Act”, “the Act”, or “AIA”) 
on 13 June 2024, the European Union (EU) became the first jurisdiction to enact a comprehen-
sive horizontal regulatory framework for Artificial Intelligence (AI) systems.1 It represents the 
EU’s attempt to strike a balance between the often conflicting objectives of 1) the protection of 
fundamental rights and public safety, and 2) the promotion of innovation and economic com-
petitiveness, including legal certainty for providers and deployers of AI systems.2 This balanc-
ing act is central in the provisions governing the classification of high-risk AI systems. 

The AI Act adopts a risk-based regulatory approach, under which the intensity of regulatory 
requirements aims to be proportional to the level of risk that an AI system poses to fundamental 
rights, health, and safety.3 While few AI uses are outright prohibited, the Act introduces a broad 
“high-risk” category triggering extensive obligations. While the risk-based architecture of the 
Act has attracted considerable scholarly attention, most contributions have concentrated on the 
classification framework at a macro level. Early work has highlighted the practical enforceabil-
ity challenges that flow from the Act's layered governance structure, including the potential of 
dual-use and the ease of disguising the “true” market of an AI system.4 Subsequent contribu-
tions have examined the conceptual coherence of the Act's risk tiers and the assumptions un-
derpinning the high-risk category,5 the Act's interplay with existing product-safety regulation,6 
and the adequacy of its conformity-assessment mechanisms.7 

Article 6(3) of the Act includes a mechanism to exempt individual AI systems that pose no 
significant risk from high-risk obligations, even if they operate in high-risk areas. The wording 
of the mechanism was finalised late in the legislative process,8 and has received limited doctri-
nal scrutiny. This thesis aims to complement the existing literature by examining the AI Act 

 
1 Regulation (EU) 2024/1689 (AI Act). 
2 Recital (1) frames the purpose as ensuring “a high level of protection of health, safety, fundamental rights … 

while ensuring the free movement of AI-based goods and services cross-border.” On the broader policy ten-
sion, see Ebers (2024) 689–697. 

3 Recital (26) describes a goal of “proportionate and effective set of binding rules for AI systems”, to be achieved 
by following “a clearly defined risk-based approach ... tailor[ed to] the type and content of such rules to the 
intensity and scope of the risks that AI systems can generate”. 

4 Veale and Borgesius (2021) 100–106. 
5 Mahler (2022) 248–256. 
6 Ebers (2024) 695–697. 
7 Smuha and Yeung (2025) 253–257. 
8 The first attempt at a high-risk “safety valve” appears in the Council of the European Union (2022) compromise 

text, with a derogation for systems with “purely accessory” output. This was reworked further in the European 
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Article 6(3)(a) and (d) carve-outs, asking what it means, in operational terms, for an AI system 
to perform a “narrow procedural task” or a “preparatory task to an assessment.”9 

1.2 The Article 6(3) proportionality “safety valve”  

Casting the regulatory net widely in sensitive domains ensures that AI systems operating in 
contexts where fundamental rights are at stake are subject to scrutiny. At the same time, this 
creates a risk of over-inclusion. Not every AI system deployed within a high-risk use context 
will, by virtue of its specific function, pose a significant risk of harm. Gradually recognising 
this, the legislator introduced Article 6(3) as what may be characterised as a proportionality 
“safety valve”: a mechanism that allows certain AI systems within Annex III domains to not be 
considered to be high-risk where they do “not pose a significant risk of harm to the health, 
safety, or fundamental rights of natural persons, including by not materially influencing the 
outcome of decision-making.”10 Article 6(3) sets out a closed list of four conditions under which 
the carve-out may apply, in direct quote:  

(a) the AI system is intended to perform a narrow procedural task; 
(b) the AI system is intended to improve the result of a previously completed human activ-

ity; 
(c) the AI system is intended to detect decision-making patterns or deviations from prior 

decision-making patterns and is not meant to replace or influence the previously com-
pleted human assessment, without proper human review; or 

(d) the AI system is intended to perform a preparatory task to an assessment relevant for 
the purposes of the use cases listed in Annex III, 

with the following subparagraph establishing a carve-out from the carve-out in that an AI sys-
tem in Annex III “shall always be considered to be high-risk where the AI system performs 
profiling of natural persons.” 

Of the four conditions, (b) and (c) share the trait that they describe AI system activity that is 
independent from and temporally placed after a previously completed human activity or assess-
ment. While (b) and (c) are not free of ambiguity,11 the backwards looking nature and inde-
pendence from the previous human activity/assessment are concrete signposts for AI providers 
and deployers assessing if their system qualifies for exemption. On the other hand, the concepts 

 
Parliament (2023) first-reading position, before reaching its final form in Article 6(2a) of the Council of the 
European Union (2024) proposal based on the trilogue agreement of December 2023.  

9 See e.g. Couneson (2024) in Pehlivan, Forgó, and Valcke (eds) (2024) for a general commentary on Article 6. 
10 Article 6(3), first subparagraph. See also Recital (53), which elaborates on the rationale for the exception and 

provides illustrative examples. 
11 E.g. at which point does systematic AI result improvement under Article 6(3)(b) cross the border into de-facto 

AI result replacement of the earlier human activity result? 
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of (a) “narrow procedural task” and (d) “preparatory task to an assessment” are open-textured 
and lack precise legal definition in the operative provisions of the Act. This is the motivation 
for narrowing the scope of this thesis to Article 6(3) conditions (a) and (d).12 

This interpretative ambiguity gives rise to a dual risk. On the one hand, risk-seeking actors with 
an incentive to minimise regulatory costs may strategically exploit the carve-outs by character-
ising the functions performed by their AI systems in narrow terms, avoiding high-risk classifi-
cation and compliance obligations. This risk of regulatory arbitrage has been identified as a 
structural concern in the literature on the AI Act.13 Risk-averse actors in heavily regulated sec-
tors may, conversely, avoid the carve-outs altogether, preferring the legal certainty of full high-
risk compliance – at the cost of unnecessary compliance burdens, dampened incentives for ben-
eficial AI adoption, and a weakened proportionality principle.14 

This thesis seeks to derive, through systematic legal interpretation, a set of operational criteria 
for whether an AI system’s task qualifies as “narrow procedural” or “preparatory to an assess-
ment”. The criteria aim to reduce the scope for regulatory arbitrage by risk-seeking actors and 
to give risk-averse actors the legal certainty needed to invoke the carve-outs where they legiti-
mately apply.15 

1.3 Research question 

The open-textured conditions for exemption from high-risk classification require operationali-
sation if they are to serve their intended function as a proportionate corrective to the breadth of 
Annex III. This thesis addresses the following research question: 

What criteria can be derived from the AI Act and analogies from relevant EU law to opera-
tionalise the notions of “narrow procedural task” and “preparatory task to an assessment” 
in Article 6(3)(a) and (d), and how can these criteria be applied in practice to reduce regula-
tory arbitrage while enabling legitimate use of the Article 6(3) carve-outs? 

The research question contains two analytically distinct but interrelated components. The first 
is interpretative: it asks what substantive criteria can be derived from the legal sources to give 

 
12 The Act’s ambiguity is not limited to Article 6(3). See e.g. Smuha and Yeung (2025) 241-242, 247-248 for 

further discussion on the interpretative challenges arising from the Act’s use of open-textured concepts. 
13 See Gasiola (2025) for a discussion of structural loopholes, and Veale and Borgesius (2021) 106 on concerns 

related to risk self-assessment. 
14 Ebers (2024) 689–697 argues that the Act does not follow a truly risk-based approach in all respects and 660–

661 that the absence of a risk-benefit analysis may lead to disproportionate regulatory burdens. 
15 The need for interpretative guidance is expressly recognised in Article 6(5), which mandates the Commission 

to provide guidelines specifying the practical implementation of the Article 6 “no later than 2 February 2026”. 
At the time of writing, these guidelines have not yet been provided. 
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operative content to the concepts of “narrow procedural task” under Article 6(3)(a) and “pre-
paratory task to an assessment” under Article 6(3)(d). The second component is applied: it asks 
how such criteria can be operationalised to guide the practical classification of AI systems, to 
reduce the scope for regulatory arbitrage by risk-seeking actors while preserving the legal cer-
tainty necessary for risk-averse actors to make legitimate use of the carve-outs. 

The scope of the inquiry is delimited in several respects. First, the thesis focuses on the condi-
tions in Article 6(3)(a) and (d), rather than on all four alternative conditions listed in Article 
6(3). As discussed in the previous section, the conditions of Article 6(3)(b) and (c), concerning 
AI systems that improve the result of a previously completed human activity and AI systems 
that detect decision-making patterns, are relatively easy to operationalise through their clear 
temporal and functional separation from decision processes. Second, the thesis does not under-
take an empirical study of how providers and deployers currently intend to apply the Article 
6(3) exemptions; the practical examples interspersed throughout the text and detailed in the 
appendix are illustrative and designed to test the derived criteria, not to make claims about 
industry practice.16 

By answering this research question, I aim to provide tools that are of value not only for aca-
demic discourse, but also for practitioners, including AI providers, deployers, and national mar-
ket surveillance authorities, who must navigate the Article 6(3) assessments in practice. 

1.4 Methodology and sources 

For the interpretative part of the research question, the thesis employs legal dogmatic method: 
the provisions are interpreted through recognised EU-law sources and the ordinary textual, sys-
tematic, and teleological techniques. Because all language versions of EU legislation are 
equally authentic, a full multilingual comparison is relevant, but for reasons of scope, this thesis 
proceeds from the English text and uses other sources to control its interpretation.17 

The analysis first examines the wording of Article 6(3)(a) and (d), especially “procedural”, 
“preparatory”, and “task”. It then reads those terms in the context of the Act as a whole, includ-
ing Annex III, Article 14 on human oversight, Article 3 definitions, and the Act’s risk-based 
structure. Finally, it considers the purpose of Article 6(3): maintaining fundamental-rights pro-

 
16 The extensive use of examples is inspired by the AIA’s own methodology: Recital (53) provides a few brief 

high-level examples, and Article 6(5) mandates the Commission to provide “a comprehensive list of practical 
examples of use cases” to illustrate the classification rules. 

17 On the legal dogmatic method in the context of EU law, see Lenaerts and Gutiérrez-Fons (2013). On the ECJ’s 
methodology for the interpretation of EU secondary legislation, see Case C-283/81 (CILFIT) paragraphs 17-
20. 
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tection while avoiding disproportionate high-risk classification for genuinely low-risk func-
tions. GDPR Article 22 is drawn on by analogy to illuminate the boundary between preparatory 
processing and decision-influencing automation.18 

The doctrinal analysis is supplemented by the syntactic/semantic distinction from information 
theory. The distinction is used only as an interpretive aid: it helps clarify whether an AI task 
operates on the form of information or its evaluative meaning, without displacing the legal-
dogmatic analysis. 

The thesis is primarily concerned with lex lata. Section 5.3 adds de lege ferenda observations 
where the doctrinal analysis reveals structural weaknesses and unfortunate disincentives in the 
current carve-out framework. 

In accordance with settled ECJ case law, the Act’s recitals are used as an aid to interpretation 
of the operative provisions, without being treated as autonomous sources of binding legal obli-
gations.19 Recital (53) is particularly important because it gives examples of “narrow proce-
dural” and “preparatory” tasks and explains the rationale of the exemption mechanism. 

ECJ case law supplies both general interpretative principles and specific analogies. Because the 
Act has not yet generated relevant jurisprudence, SCHUFA is especially useful: its treatment 
of GDPR Article 22 shows that a functionally preparatory automated output may still be legally 
decisive where the subsequent decision strongly draws on it. The Court’s approach to deroga-
tions also frames Article 6(3): exceptions are interpreted strictly, but not so strictly as to deprive 
them of effet utile.20 

Soft law is used only subsidiarily as interpretative aids. Article 6(5) requires Commission guide-
lines on the practical implementation of Article 6, but their absence at the time of writing leaves 
this interpretation without an authoritative soft-law benchmark.21 

 
18 Regulation (EU) 2016/679 (GDPR) Article 22(1) provides that “the data subject shall have the right not to be 

subject to a decision based solely on automated processing, including profiling, which produces legal effects 
concerning him or her or similarly significantly affects him or her.” Interpretations of “decision” and “profil-
ing” in the context of GDPR Article 22 are relevant for the systematic interpretation of AIA Article 6(3). 

19 See Case C-162/97 (Nilsson) paragraph 54: “the preamble to a Community act has no binding legal force and 
cannot be relied on either as a ground for derogating from the actual provisions of the act in question.” 

20 On the requirement to give derogations their effet utile, see Case C-201/13 (Deckmyn) paragraph 23. The tension 
between strict interpretation and effet utile is particularly relevant in the context of Article 6(3), which is 
simultaneously a derogation from the high-risk classification and a mechanism essential to the proportionality 
of the regulatory framework. 

21 On the legal status of Commission guidelines in EU law, see Case C-226/11 (Expedia) paragraphs 28–31, es-
tablishing that guidelines do not bind national courts but may constitute a relevant point of reference. 
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1.5 Thesis structure 

Chapter 2 situates Article 6(3) within the AI Act’s risk-based architecture, the provider/de-
ployer allocation of responsibility, and Article 14 on human oversight. Chapter 3 interprets 
Article 6(3)(a) and (d). Chapter 4 turns that interpretation into six operational criteria. Chapter 
5 answers the research question, summarises the contribution, and identifies points for legisla-
tive or supervisory clarification and improvement. The Appendix sets out the criterion-by-cri-
terion application of the framework to three illustrative case studies summarised in Section 4.3. 
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2 The AI Act and the legal context of Article 6(3) 

2.1 The AI Act’s risk-based regulatory system 

The AI Act establishes a horizontal regulatory framework for AI systems in the EU, applicable 
across sectors and (almost) irrespective of the technology’s underlying architecture.22 The Act’s 
structural lineage is the EU’s New Legislative Framework for product safety (NLF).23 Its cen-
tral regulatory mechanism is a purportedly risk-based approach under which the intensity of 
legal obligations imposed on providers and deployers of AI systems is proportional to the level 
of risk that those systems pose to fundamental rights, health, and safety.24 This approach reflects 
both the principle of proportionality enshrined in Article 5(4) of the Treaty on European Union 
(TEU) and the harmonisation objective of the Act’s legal basis in TFEU Article 114.25 

The Act organises AI systems into five semi-tiered (but not all mutually exclusive) categories 
of risk and regulatory obligations. Article 5 prohibits unacceptable-risk practices.26 Article 6 
defines high-risk systems, the category carrying the most extensive provider and deployer ob-
ligations.27 Article 50 assigns transparency obligations to systems with deception risk.28 In a 
break with the otherwise activity centred risk-based approach, Articles 53 and 55 introduce 
technology-centred obligations to providers of general-purpose AI models. For systems that fall 
outside the scope of any of the above categories, the Act introduces no new obligations beyond 
general Article 4 AI literacy,29 though Article 95 encourages voluntary codes of conduct.30 

2.2 High-risk AI systems under the AI Act 

Article 6 establishes two distinct pathways through which an AI system may be classified as 
high-risk. The first pathway, set out in Article 6(1), concerns AI systems that are intended to be 
used as safety components of products, or that are themselves products, covered by the EU 

 
22 Article 1(1) and Recitals (1)–(8). 
23 See Couneson (2024) 204 for more on the NLF and the concept of “high-risk”. 
24 Recital (26). See also Ebers (2024) 689–697 for a critical analysis of the extent to which the AIA follows a truly 

risk-based approach. 
25 TFEU Article 114 provides the legal basis for harmonisation measures aimed at the establishment and function-

ing of the internal market. Article 5(4) TEU states that “Under the principle of proportionality, the content and 
form of Union action shall not exceed what is necessary to achieve the objectives of the Treaties”. 

26 Article 5(1)(a)–(h). 
27 Articles 8–15. 
28 Article 50. See also Recitals (132)–(134). 
29 Article 4 currently imposes an obligation of providers and deployers to “ensure, to their best extent” sufficient 

AI literacy, but this obligation is likely to be softened by the digital omnibus on AI. The European Parliament 
(2026) suggests the obligation should be to “shall take measures to support the improvement of AI literacy”, 
specifying that “this obligation does not cover any guarantee of a specific level of AI literacy of any individ-
ual.” 

30 See also Recital (165). 
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harmonisation legislation listed in Annex I.31 This pathway integrates the AI Act into the exist-
ing EU product safety legislation by ensuring that AI systems embedded in regulated products 
such as machinery, medical devices, and motor vehicles are subject to the high-risk require-
ments where the product itself undergoes third-party assessment. 

The second pathway, set out in Article 6(2), is the one of primary relevance for this thesis. It 
provides that AI systems “referred to in Annex III shall be considered to be high-risk.” Annex 
III enumerates broad areas of use in which AI systems are presumed to present significant risks 
to fundamental rights, health, or safety.32 The Annex III classification follows an activity-based 
logic. Rather than prescribing requirements based on the technical characteristics or capabilities 
of the AI system itself, the Act identifies areas of use in which AI systems are presumed to pose 
significant risks by virtue of the context in which they operate. AI systems deployed in domains 
where fundamental rights are directly at stake – such as recruitment, credit scoring, criminal 
justice, or migration control – warrant heightened scrutiny regardless of their underlying tech-
nical design or surrounding processes. As Recital (52) notes, the Annex III enumeration is 
placed in an annex rather than in the operative text to enable future amendment via delegated 
acts as the risk landscape evolves.33 34 

Classification as high-risk triggers a comprehensive set of requirements and obligations set out 
in Articles 8–49. The aggregate compliance burden associated with these obligations makes the 
boundary between high-risk and not-highrisk classification a matter of considerable economic 
and strategic significance for providers and deployers. 

This activity-based classification approach has significant strengths. It provides a degree of 
technology-neutrality that allows the framework to adapt to technological change; it aligns with 
the EU’s established tradition of sector-specific safety regulation; and it allows the same un-
derlying technology to be subject to different regulatory treatment depending on the context of 
its deployment. An AI model used for entertainment recommendations may face no mandatory 
obligations, while the same model repurposed for credit scoring falls within Annex III’s high-
risk category. 

There is, however, a risk of over-inclusion. The Annex III categories are drawn broadly enough 
to capture AI systems that, while deployed within a high-risk use context, perform functions 

 
31 Article 6(1)(a) and (b). Annex I lists the EU harmonisation legislation to which this provision applies. 
32 Annex III (1)–(8). Each area specifies particular use cases within the broader category. See Recitals (48)–(61) 

for the rationale underlying the selection of these areas. 
33 The use of delegated acts for amending Annex III is provided for in Article 7(1) and (2), subject to conditions 

specified therein. Most notably, Article 7(1)(a) specifies that only use-cases within the existing areas in Annex 
III can be added or modified by delegated acts. 

34 See Couneson (2024) 204–208 for more details on the two pathways to high-risk classification. 
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that do not, in and of themselves, pose a significant risk of harm – an AI system performing 
automated document sorting in a recruitment workflow falls within Annex III area 4 (employ-
ment), but presents a fundamentally different risk profile from one that autonomously screens 
and ranks candidates. The risk-tier architecture operates primarily as a tool of legislative pro-
portionality rather than as a framework for individualised, empirical risk management.35 

Article 6(3) addresses this structural over-inclusion. Its legislative history shows an attempt to 
add a horizontal corrective to Annex III, so that systems unlikely to cause serious rights or 
safety risks are not captured merely because they operate in a sensitive domain.36 In a frame-
work that classifies risk primarily by use-area rather than by individualised empirical assess-
ment, Article 6(3) is the principal mechanism for restoring proportionality at the level of the 
specific AI system. It gives providers a limited route to rebut the Annex III high-risk presump-
tion where the system’s actual task is too remote from the protected interests to justify high-
risk treatment. 

2.3 The function of Article 6(3) in the AI Act 

2.3.1 Article 6(3) as a proportionality “safety valve” 

Article 6(3) establishes that an AI system falling within one of the Annex III areas “shall not 
be considered to be high-risk where it does not pose a significant risk of harm to the health, 
safety or fundamental rights of natural persons, including by not materially influencing the out-
come of decision making”.37 

The provision creates a mechanism through which AI systems that fall within the broad sweep 
of Annex III can, under certain conditions, be exempted from the full range of high-risk obli-
gations. In this sense, Article 6(3) functions as a proportionality “safety valve” that relieves the 
regulatory pressure on systems that, despite operating in a high-risk domain, do not themselves 
present a significant risk of harm.38 Without a corrective mechanism, the framework would 
impose the full weight of high-risk compliance on AI systems performing genuinely low-risk 
functions, in tension with the proportionality principle articulated in Recital (26) and anchored 
in TEU Article 5(4). Recital (53) elaborates on this rationale, noting that “there may be specific 
cases in which AI systems referred to in [Annex III] do not lead to a significant risk of harm to 

 
35 Mahler (2022) discusses this in depth, see esp. 247–248, 265–267. Ebers (2024) 686–689 stresses the hidden 

underuse costs by the absence of risk-benefit analysis. 
36 Council of the European Union (2022) IV.1.5. 
37 Article 6(3) first subparagraph. 
38 Couneson (2024) 214 explains the Article 6(3) mechanism was referred to as the “filter” during the negotiations. 

I think the “safety valve” label better captures the regulatory-pressure-relieving purpose of the derogation. 
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the legal interests protected under those areas because they do not materially influence the de-
cision-making or do not harm those interests substantially”.39 

2.3.2 The relationship between Article 6(2) and Article 6(3) 

The relationship between Article 6(2) and 6(3) is best understood as a two-step classification 
process. First Article 6(2) establishes a rebuttable presumption from the legislator: all AI sys-
tems falling within the Annex III categories are presumed to be high-risk. Next, Article 6(3) 
provides the mechanism through which this presumption may be rebutted by the provider who 
would bear the burden of compliance, subject to the satisfaction of specific conditions, through 
an individual case-by-case risk assessment. The starting point is one of classification as high-
risk; the Article 6(3) carve-out operates as an exception to this default, with the burden of proof 
placed with the provider. Since the risk designation is tied to the provider-supplied intended 
purpose, a deployer cannot use Article 6(3) to escape Article 26 and 27 deployer high risk 
obligations, even if the deployer’s specific intended use of the system is low risk.40 

2.3.3 The Article 6(3) conditions are centred around “tasks” 

The four conditions of Article 6(3) do not refer to the AI system as such, but to the task it is 
intended to perform.41 Condition (a) speaks of a “narrow procedural task”, condition (d) of a 
“preparatory task to an assessment.” An AI system may have broad technical capabilities, for 
example a general large language model (LLM)-based AI assistant may be capable of perform-
ing tasks ranging from software development to document summarisation to risk assessment, 
but the classification under Article 6(3) depends not on its general capabilities but on the par-
ticular task for which it is “intended.”42 

As already mentioned, the intention referenced here is that of the provider, not the deployer. 
Article 3(12) of the AI Act defines “intended purpose” as “the use for which an AI system is 
intended by the provider, including the specific context and conditions of use, as specified in 
the information supplied by the provider in the instructions for use, promotional or sales mate-
rials and statements, as well as in the technical documentation.” The definition anchors the 
assessment to the provider’s declared purpose, not to the system’s inherent technical capacity. 
The intention must be documented and communicated, and deployers ignoring the documented 

 
39 See Couneson (2024) 214 and references therein for more on the origin of the Article 6 derogation. 
40 A likely consequence is that otherwise identical AI systems will be offered by providers in both high risk and 

not-high risk configurations, where the only technical difference is the documented intended purposes. 
41 For a brief high-level treatment of each of the four conditions, see Couneson (2024) 215. 
42 The importance of the “intended purpose” for the classification assessment is also reflected in Article 6(2), 

which refers to AI systems “referred to in Annex III”, the descriptions in which consistently use the formula 
“AI systems intended to be used for…” 
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“intended purpose” risk themselves being designated a provider of high-risk AI through the 
mechanism of Article 25(1)(c).43 

The task-based approach also has implications for AI systems that perform multiple functions. 
Where an AI system is configured to perform both a narrow procedural task (such as sorting 
incoming applications) and a substantive function (such as scoring applicants), the carve-out 
would apply only if the system, as deployed for its intended purpose, satisfies one of the Article 
6(3) conditions. A system whose intended purpose encompasses both procedural and substan-
tive functions cannot claim the benefit of the carve-out for the procedural component alone, as 
the classification assessment applies to the system as a whole. 

2.3.4 The relationship between Article 6(3) and Article 14 

If a system is classified as high-risk, Article 14 requires the provider to design it in such a way 
that it can be effectively overseen by natural persons, including by enabling the user to correctly 
interpret the system’s output and to decide not to use it or to override it.44 Where an AI system 
is exempted under Article 6(3), these design requirements do not apply. 

Recent literature has identified a consistent pattern in which formal human involvement in AI-
assisted processes fails to translate into meaningful control, due to automation bias, limited 
competence or authority, and organisational pressure toward deference.45 The Article 14 safe-
guards, even if imperfect, represent a risk-mitigation minimum for Annex III systems; their 
removal through the carve-outs is important context for interpreting Article 6(3). 

2.3.5 The task of assessing and documenting whether an AI system qualifies for 
the Article 6(3) carve-out rests with the provider of the system 

Article 6(4) requires the provider to document this assessment before placing the system on the 
market or putting it into service, and to make the documentation available to national competent 
authorities upon request. In addition, Article 49(2) requires providers who have determined 
their Annex III system not to be high-risk to register the system in the EU database established 
under the Act, thereby ensuring that authorities and the public have visibility of such self-as-

 
43 Most general AI system providers include terms of service wording specifying that the intended use is not AI 

Act high risk, e.g. the Microsoft Enterprise AI Services Code of Conduct (2025)  “Customers must not use the 
services ... to make decisions or take actions without appropriate human oversight as part of an application 
that may have a consequential impact on any individual’s legal position, financial position, life opportunities, 
employment opportunities, or human rights, or may result in physical or psychological harm to an individual.” 

44 See Panezi (2024) 358–368 for a detailed treatment of Article 14. 
45 See Crootof, Kaminski, and Price (2023) 437–439, 472–473 on the “MABA-MABA trap”, Enarsson, Enqvist, 

and Naarttijärvi (2022) on “rubber-stamping” across multiple decision-making contexts, and Lazcoz and de 
Hert (2023) on the need for human governance beyond individual intervention. 
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sessed “low-risk-use-in-a-high-risk-sector” systems. The national-level post-market enforce-
ment counterpart to this self-assessment is set out in Article 80.46 The evaluation under Article 
80 may itself be escalated to the Commission through the Union Safeguard Procedure of Article 
81 to ensure consistent application across the EU.47 

The self-assessment model with a registration safeguard reflects a regulatory design choice that 
seeks to balance administrative efficiency against the need for transparency and accountability. 
Risk self-assessments have been the subject of criticism in the literature, with the prediction 
that the AI Act will face the same challenges as the EU product-safety regime from which it 
draws inspiration, since self-assessment frameworks produce higher risk of harm to fundamen-
tal rights and safety than those involving third-party evaluation.48  

These concerns were sharpened by the Commission’s Digital Omnibus proposal of 19 Novem-
ber 2025, which proposed to eliminate the Article 49(2) registration obligation for self-assessed 
Annex III systems while retaining the documentation duty.49 The EDPB and EDPS criticised 
the proposal as one that “would significantly decrease the accountability” and create incentives 
for providers to claim Article 6(3) exceptions without critical analysis.50 The Council subse-
quently agreed on an amended omnibus proposal with the registration requirement reinstated in 
a simpler form.51 The European Parliament adopted its plenary position in March 2026 support-
ing a simplified registration obligation. Provisional agreement was reached on 7 May 2026, 
with formal endorsement and legal-linguistic revision pending at the time of writing.52 

For risk-seeking providers and deployers, the combination of vague Article 6(3) conditions, 
risk self-assessment, and (potentially) mostly ad-hoc transparency obligations create an incen-
tive to characterise AI system functions and deployments in terms that bring them within the 
carve-outs, thereby avoiding the substantial compliance burden of high-risk classification. 
Risk-averse actors may avoid the carve-out altogether and accept unnecessary compliance 
costs. Both reactions weaken the proportionality function of Article 6(3). The asymmetry can 
only be reduced through operational criteria that are concrete enough to guide self-assessment 
and review. 

 
46 For more details on Article 80, see Mahler and Schwemer (2024) 1142–1148. 
47 For Norway and the other EEA EFTA states the escalation would be to the EFTA Surveillance Authority. For 

more details on Article 81, see Tosoni and Esayas (2024) 1149–1157. 
48 Smuha and Yeung (2025) 253–254 and references therein. 
49 European Commission (2025) (the Digital Omnibus on AI) paragraphs 6, 14, and 32. 
50 European Data Protection Board and European Data Protection Supervisor (2026), paragraphs 17–21. 
51 Primarily by deleting the Annex VIII section B point 7 requirement to register a summary of the grounds on 

which the AI system is considered to be not-highrisk. 
52 European Parliament (2026) amendments 11, 36, 46, 83.  
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2.3.6 The provider/deployer divergence under Article 6(3) 

A provider designs and declares an AI system’s intended purpose, and the question of whether 
that purpose qualifies as “narrow procedural” or “preparatory” is constrained to the deployment 
scenario(s) described by the provider. As indicated above, this can produce a mismatch between 
the provider’s declared classification and the deployer’s actual use. Where an AI system is de-
clared by its provider to be intended for high-risk purposes, a particular deployer may use it 
only for a narrower procedural or preparatory function that would, in isolation, satisfy Article 
6(3). The Act does not allow the deployer to reclassify the system on this basis to escape the 
deployer’s high-risk obligations of Articles 26 and 27. 

The opposite mismatch, a system declared low-risk by the provider but deployed for a high-risk 
task, is captured by Article 25(1)(c), which loops the deployer into provider obligations.53 There 
is, however, a clear potential for responsibility pulverisation through the use of  “constructive 
ambiguity” in the documented deployment requirements, where an ambiguously worded de-
ployment requirement is initially interpreted strictly to support not-highrisk self-assessment by 
the provider, and later interpreted permissively by the deployer to justify minimising deploy-
ment costs. This has implications for the operative criteria developed in Chapter 4: criteria that 
turn on the conditions of deployment — transparency, verifiability, and resilience to automation 
bias — require the provider’s declared intended purpose to set clear demands on the deployment 
environment. The de lege ferenda implications of this constraint are taken up in Section 5.3.  

 
53 For more on the Article 25(1)(c) “role-change” mechanism, see Riede and Talhoff (2024) 532–533. See Gal-

lagher (2024) 541–551 for commentary on the Article 26 deployer obligations. 
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3 Legal interpretation of Article 6(3)(a) and (d) 

3.1 Structure and wording of Article 6(3) 

Keeping in mind the context set out in Chapter 2, I now move on to derive operative criteria 
from Article 6(3)(a) and (d), following the methods of interpretation set out in Section 1.4. I 
first examine the structure and wording of Article 6(3) as a whole. 

3.1.1 The overarching condition of no significant risk of harm 

Article 6(3) first subparagraph provides that an AI system falling within one of the Annex III 
areas “shall not be considered to be high-risk where it does not pose a significant risk of harm 
to the health, safety or fundamental rights of natural persons, including by not materially influ-
encing the outcome of decision making.” This overarching condition — the absence of signifi-
cant risk, including the absence of material influence on decision-making — establishes a gen-
eral threshold that is both abstract and subjective.54 The “materiality” qualifier is also inherently 
subjective, and may allow providers to claim that their system's influence on decisions is im-
material even where it significantly shapes the informational basis on which those decisions are 
made.55 If the overarching condition is too indeterminate to constrain the self-assessment effec-
tively, the specified conditions must serve as the primary contributor to legal certainty. 

3.1.2 Article 6(3) as a closed list of carve-outs 

The second subparagraph sets out four specific conditions under which the first subparagraph 
“shall apply”. They read as follows, with the conditions that are the focus of this thesis empha-
sised in bold text: 

(a) the AI system is intended to perform a narrow procedural task; 

(b) the AI system is intended to improve the result of a previously completed human activity; 

(c) the AI system is intended to detect decision-making patterns or deviations from prior de-
cision-making patterns and is not meant to replace or influence the previously completed 
human assessment, without proper human review; or 

(d) the AI system is intended to perform a preparatory task to an assessment relevant 
for the purposes of the use cases listed in Annex III.56 

 
54 Crucially, Mahler and Schwemer (2024) 1144 note that the threshold for “significance” in Article 6(3) is am-

biguous as between risk level and risk acceptability. 
55 See Levitina (2024) 136–137. 
56 Article 6(3)(a)-(d). 
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The list is connected by the disjunctive “or”, indicating that the conditions are alternative rather 
than cumulative: satisfying any one of the four is sufficient, provided that the overarching con-
dition of no significant risk of harm is also met. 

The question arises whether the four conditions are exhaustive: Can a provider invoke Article 
6(3) on a basis not enumerated in the list? Do the four conditions serve as safe harbours, suffi-
cient but not necessary, rather than as an exclusive gateway? The enumerative reading finds 
some textual support in the structure of the provision itself: the first subparagraph states the “no 
significant risk” standard as an apparently self-standing rule, and the second subparagraph 
opens with “the first subparagraph shall apply” where one of the conditions is met, which could 
be read as triggering a presumption rather than defining the only permissible path.57 

Textual and systematic considerations support the conclusion that the list is closed: First, the 
legislative technique of enumerating specific derogation conditions following a general prohi-
bition clause is a well-established mechanism in EU law for delimiting the scope of a deroga-
tion.58 Had the legislator intended the conditions to be illustrative, one would expect the use of 
qualifying language such as “in particular” or “for example” – language that is absent here.59 
Second, Article 6(6) empowers the Commission to adopt delegated acts amending the condi-
tions set out in Article 6(3), “adding new conditions to those laid down in paragraph 3, or mod-
ifying them.” The express conferral of a power to add conditions would be superfluous if the 
existing list were already open-ended; the provision implies that the Article 6(3) conditions can 
only be expanded through formal legislative amendment.60 Third, reading the conditions as a 
closed list is consistent with the principle of strict interpretation of derogations in EU law, as 
established in the ECJ’s jurisprudence. This ensures that the scope of the carve-out is legally 
determinate and that providers cannot invoke unenumerated grounds to escape high-risk clas-
sification.61 The consequence of this reading is that an AI system deployed within an Annex III 
area that does not satisfy any of the four enumerated conditions remains classified as high-risk, 
even if the provider considers the system’s specific function to pose no significant risk of harm. 
The question is not beyond doubt, and future guidance from the Commission or the ECJ may 

 
57 The earliest formulation of what would later become the enacted Article 6(3) did not include the enumerated 

conditions. The wording was “high-risk unless the output of the system is purely accessory in respect of the 
relevant action or decision to be taken and is not therefore likely to lead to a significant risk.” Council of the 
European Union (2022) page 32. 

58 See, by analogy, the structure of GDPR Article 9(2), which sets out an exhaustive list of conditions under which 
the (otherwise prohibited) processing of special categories of personal data is permitted. 

59 For an example of such a non-exhaustive illustrative list in EU legislation, see GDPR Article 4(1) listing “iden-
tifiers such as a name, an identification number, location data, ...” in the definition of “personal data.” 

60 Article 6(6). Article 6(8) further specifies that any amendment “shall not decrease the overall level of protection 
of health, safety and fundamental rights provided for by this Regulation.” 

61 On the principle that exceptions to a general rule in EU law are to be interpreted strictly, see Case C-201/13 
(Deckmyn) paragraph 22. 
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clarify whether the overarching condition has any independent operative function beyond its 
role as an interpretive constraint on the four conditions. 

A second interpretive question is whether satisfying one of the second-subparagraph conditions 
deems the overarching “no significant risk of harm” threshold met (the automatic reading), or 
whether the overarching condition is a separate test the provider must also pass (the cumulative 
reading). The automatic reading reduces “no significant risk” to an interpretive constraint on 
the conditions. The cumulative reading is more protective, adding a case-by-case assessment 
on top of the condition-based classification, at the cost of legal certainty.  

The automatic reading is, in my view, the better interpretation. Recital (53) describes the carve-
out as covering “specific cases in which AI systems … do not lead to a significant risk of harm 
… because they do not materially influence the decision-making…” (my emphasis), indicating 
the significance/materiality threshold is integrated in the specific case conditions. The Article 
6(7) power to delete conditions by delegated act “to maintain the protection of health, safety 
and fundamental rights” suggests the legislator already viewed the conditions as alone deter-
mining the boundary of the carve-out. The automatic reading is also more consistent with the 
Act’s ambition to provide clear, ex ante classification rules. The cumulative reading’s ad-
vantage is preserving the overarching condition as a safety net for edge cases the legislator did 
not foresee. The question would benefit from clarification.62 

3.1.3 The “profiling of natural persons” carve-out from the carve-outs 

Article 6(3) third subparagraph introduces an exception from the exceptions: AI systems “shall 
always be considered to be high-risk where the AI system performs profiling of natural per-
sons.”63 This contributes to the systematic interpretation of the derogation condition interpreta-
tions, and will play an important role in the operationalised criteria developed in Chapter 4. 

3.2 “Narrow procedural task” under Article 6(3)(a) 

3.2.1 Linguistic interpretation of “narrow”, “procedural”, and “task” 

Article 6(3)(a) provides that the carve-out applies where “the AI system is intended to perform 
a narrow procedural task.” The condition combines three lexical elements – “narrow”, “proce-
dural”, and “task” – each of which contributes to delimiting the scope of the exception. 

 
62 Mahler and Schwemer (2024) 1144 “the assessment of significant risk of harm under Article 6(3) appears to 

leave some space for a concrete risk assessment in the context of assessing the conditions listed above in letters 
(a) to (d)” can be interpreted as leaning towards the cumulative reading. Conversely, Couneson (2024) 214 
“AI systems which fulfil one or more of [Article 6(3) a-d criteria] shall not be considered as high-risk AI 
systems.” 

63 Article 3(52) defines profiling with reference to GDPR Article 4 (4). 
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3.2.1.1 “Task” 

The term “task” has already been discussed briefly in Section 2.3.3 above. The Oxford English 
Dictionary (OED) gives the literal definition as “A piece of work imposed, exacted, or under-
taken as a duty or the like; originally, a fixed or specified quantity of labour or work imposed 
on or exacted from a person; later, the work appointed or assigned to one as a definite duty.” It 
follows that “task” describes a defined, fixed and concretely specified piece of work, rather than 
a broader progress or abstract responsibility. “Identify if the applicant has a valid bus driver’s 
licence” is a task. “Find and hire a bus driver” is arguably not a task, instead representing a 
broader process (composed of many tasks). And “Bus driver staffing” is clearly an abstract 
responsibility rather than a task. 

In the context of condition (a), “task” denotes a specific, delimited function that the AI system 
is intended to carry out: not the system’s general capabilities, but its specific operational role 
in the context of the process in which it is deployed. 

3.2.1.2 “Narrow” 

While a “task” must be specific and defined, there is still variation: Some activities that might 
be described as tasks — such as the “find and hire a bus driver” example above — are broader, 
pushing against the upper bound of the definition, while others are more limited in scope. The 
adjective “narrow” clarifies we are here operating in the latter end of the range.64 A system 
extracting dates from CVs should qualify. A system that extracts dates, calculates work-history 
gaps, compares the gaps to a predefined significance threshold, and removes applicants on that 
basis might not. The narrowness criterion serves as a filter against systems that, while poten-
tially classifiable as “procedural” in some respects, operate across a broader functional do-
main.65 

3.2.1.3 “Procedural” 

The adjective “procedural” is the decisive qualifier for condition (a). Literally defined broadly 
as relating to “…the established or prescribed way of doing something”, in legal theory, the 
distinction between “procedural” and “substantive” is a fundamental one. Procedural rules and 
acts concern the manner, method, or form by which a process is conducted, while substantive 
rules concern the merits, content, or outcome of the matter at hand. The procedural/substantive 
distinction is a foundational concept in legal theory and is reflected in the structure of EU law 

 
64 OED defines “narrow” as “Limited in range or scope; precise; restricted.” 
65 The responsibility gaps and questions that arise when narrow procedural task AI systems are built using general-

purpose AI model APIs are outside the scope of this thesis. 
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itself, where procedural rules (such as those governing actions for safeguarding EU rights) are 
distinguished from substantive rules (such as those defining EU rights and obligations).66 

Transposed to the AI Act context, a “procedural” task is one that relates to the form, order, or 
method of processing – the mechanics of handling information according to a fixed and defined 
course of action – rather than to the evaluation of the content or significance of that information. 
A system that converts unstructured data into a structured format manipulates the form of in-
formation without assessing its substance. A system that, to perform its given function, evalu-
ates the quality, relevance, or risk implications of information performs a substantive task. 

Recital (53) offers illustrative examples of tasks that may qualify under Article 6(3): “For in-
stance, AI systems intended to perform narrow procedural tasks such as [1] transforming un-
structured data into structured data, [2] classifying incoming documents into categories, or [3] 
detecting duplicates among documents should not be considered to be high-risk.” (numbers in 
brackets added for reference): 

1) Transforming unstructured data into structured data involves imposing a pre-defined 
format on raw information – for example, extracting fields from a text document and 
mapping them to database entries. This is a clear example of a task involving only op-
erations on the form or structure of data rather than on its content or meaning. 
 

2) Classifying documents into categories is more difficult: On one hand, sorting based on 
formal characteristics (document type, language, sender) would clearly qualify as “pro-
cedural”. Sorting documents into less formal and more judgment-based categories such 
as “High risk”, “Low risk” would require evaluating the substance of a document’s con-
tent. The line between formal and substantive classification is unclear: even classifica-
tion by language requires the system to engage with the content of a document to a 
degree. It must process enough of the text to identify the language, which involves 
something more than pure syntactic manipulation. The difficulty intensifies for inter-
mediate cases. Consider a system that classifies incoming regulatory filings into pre-
defined categories such as “employment matter,” “tax matter,” or “environmental mat-
ter.” The categories are fixed and externally imposed; the system does not evaluate the 
merits of any filing. Yet the classification necessarily requires a degree of content anal-
ysis – the system must understand what the filing is about, not merely what format it is 
in. A provider might plausibly argue that such classification is procedural because it 
operates within a closed and pre-defined taxonomy, while a regulator might counter that 
any classification requiring engagement with the substance of a document's content is 
inherently evaluative. The resolution, in my view, lies in the qualifier “narrow”: where 

 
66 See e.g. Case C-268/06 (Impact) paragraphs 44-46. 
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the classification scheme is fixed (predetermined and independent of context), bounded 
(with clear ringfencing of the extent of the classification’s potential impact), and objec-
tively verifiable, where the “correct” classification can be assessed by reference to for-
mal or widely agreed criteria, the task retains its procedural character, even if it involves 
some degree of content engagement. Where the classification requires the system to 
make judgments about significance, quality, or risk, however, the task crosses from the 
procedural into the substantive. 
 

3) Detecting duplicates involves comparing records for identity or near-identity, which is 
an operation on formal similarity. 

Crucially, the Recital (53) examples are all deterministic or rule-based in character: the “cor-
rect” output is, at least in principle, objectively verifiable. That a date has been correctly parsed, 
a document has been correctly categorised as “English language” rather than “Norwegian lan-
guage”, or that two files contain the same data, can all be assessed by reference to formal criteria 
without requiring evaluative judgment. This is not to say that the examples are wholly free of 
evaluative choice, but these judgments happen at the (human-driven) design stage – for in-
stance, where a data structuring schema is designed to ignore or prioritise certain information 
(e.g. “capture if the applicant has a bus driver’s licence, ignore other certifications”). Such de-
sign choices, however, are made once and operate uniformly across inputs; they do not require 
the system to perform an evaluative judgment about the substance of any particular case. If the 
data structuring design choices themselves embed “black box” substantive evaluation of the 
kind that Article 6(3) seeks to capture, e.g. building a structured prioritised list of information 
snippets considered most “relevant” to a future assessment, the task crosses from procedural 
into substantive territory. 

It is useful to conceptualise this distinction in terms drawn from information theory: the differ-
ence between syntactic and semantic processing. Syntactic processing operates on the structure 
or format of data – the arrangement, classification, or transformation of information based on 
formal properties. Semantic processing operates on the meaning or evaluative content of data – 
the assessment of what information signifies for a particular purpose, such as whether a candi-
date is suitable for a position or whether a claim is likely to be fraudulent.67 Article 6(3)(a) can 
be understood as limiting the carve-out to tasks that are syntactic in character: the AI system 
processes the form of information without generating evaluative conclusions about its content. 

 
67 The syntactic/semantic distinction is drawn here for analytical purposes and does not correspond to a formal 

legal category. It serves to operationalise the procedural/substantive distinction in the specific context of data 
processing tasks performed by AI systems. See Floridi (2011) for a (comprehensive) philosophical investiga-
tion of the differentiation of data, information, and knowledge, esp. 31–42, 104–106, 134–138. 



Candidate number: 576 
 

20 
 

The syntactic/semantic distinction is challenged by how modern AI systems built on large lan-
guage models (LLMs) process information. An LLM tasked with “transforming unstructured 
data into structured data” may internally perform extensive semantic processing: e.g. named 
entity recognition requires contextual understanding of meaning to distinguish a person's name 
from an organisation’s name or a place name. At the technical level, the boundary between 
LLMs processing form and processing meaning is far less sharp than the legal distinction sug-
gests. However, de lege lata the question under Article 6(3)(a) is not how the system technically 
processes information internally, but what the system's task is characterised as in terms of its 
input-output specification and its functional role in the decision-making process. A system that 
takes an unstructured CV as input and produces a structured table of dates, qualifications, and 
employer names as output performs a task that is procedural at the level of its observable func-
tion, regardless of the complexity of the internal computation required to achieve that result. 
The syntactic/semantic distinction operates at the level of the task's specification and output, 
not at the level of the model's internal representations. 

3.2.2 Systematic interpretation of “narrow procedural task” 

Article 14(4) requires that natural persons to whom human oversight is assigned are enabled 
“to properly monitor the operation of the high-risk AI system” and to “decide, in any particular 
situation, not to use the high-risk AI system or to otherwise disregard, override or reverse the 
output of the high-risk AI system.”68 A genuinely narrow procedural task does not produce 
outputs requiring such override mechanisms. The “procedural” character of a task should ac-
cordingly be assessed not only by its logical position in the workflow, but also by whether the 
output risks engaging automation bias in the subsequent human decision-maker. A task whose 
output is formally intermediate and procedural, but psychologically decisive – because it 
frames, narrows, or pre-structures the decision-maker’s cognitive field – is not procedural in 
the sense required by the provision: For instance, a case-management system preparing stand-
ardised documentation for cases judged to align with a simple “happy path” may, though the 
task being purely procedural, subconsciously tempt a time-pressed assessor to ignore signs that 
further investigation is needed, since investigating would forfeit the time-saving filing.69 

GDPR Article 22, on automated individual decision-making, supplies a parallel systematic ref-
erence. Its distinction between automated processing that produces legal or similarly significant 
effects on a natural person and processing that does not maps onto Article 6(3)(a)’s proce-

 
68 Article 14(4)(a) and (d). 
69 Parasuraman and Manzey (2010) distinguish such automation complacency from automation bias and link com-

placency in particular to high workload and competing manual tasks. 
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dural/substantive divide: language identification or date-sorting facilitates a later decision with-
out itself producing such effects, whereas evaluative judgment of a person’s characteristics or 
situation engages both Article 22 and the high-risk regime.70 

The ECJ’s judgment in Case C-634/21 (SCHUFA) provides an instructive illustration of this 
boundary in automated processing. The Court considered whether a credit reference agency’s 
calculation of a credit score amounted to a “decision based solely on automated processing” 
under GDPR Article 22, even though the formal lending decision was the bank’s. The Court 
rejected the agency’s argument that the score was merely preparatory, holding that where the 
probability value plays a “determining role” in the credit decision, describing it as preparatory 
would create a gap in the protection afforded by Article 22.71 

The SCHUFA reasoning transposes to Article 6(3)(a) by analogy: the “procedural” character 
of a task should be assessed not by its formal label or its position in a workflow, but by its 
functional role in relation to the decision affecting the natural person. A formally intermediate 
task may be functionally decisive.72 Sorting job applications by date of receipt is procedural; 
sorting them by “relevance” to the position, even if the provider characterises this as a classifi-
cation task, and the deployer is not the one making the hiring decisions, is substantive. See also 
the discussion below on the interpretation of “preparatory task” in Article 6(3)(d). 

3.2.3 Teleological interpretation: the purpose of carving out procedural tasks 
within high-risk activities 

The teleological analysis of Article 6(3)(a) must be situated within the AI Act’s dual objectives: 
the protection of fundamental rights and the promotion of innovation through proportionate 
regulation.73 The purpose of carving out narrow procedural tasks is to avoid imposing the full 
weight of high-risk compliance on AI systems that, despite operating in a sensitive domain, 
perform functions that do not engage the interests the regulation seeks to protect. 

 
70 See Granmar (2024) 191–195 for an in-depth exploration of the relationship between AIA Article 14 and GDPR 

Article 22. 
71 Case C-634/21 (SCHUFA), paragraphs 47-62. The Court reasoned that the “the action of the third party to whom 

the probability value [credit score] is transmitted draws ‘strongly’ on that value” to decide whether an indi-
vidual obtains credit and that circumventing Article 22 by treating the score as a merely preparatory act would 
undermine the provision’s protective purpose. 

72 The SCHUFA analogy is not without weaknesses: GDPR Article 22 and AIA Article 6(3) serve different regu-
latory functions: the ECJ's reasoning in SCHUFA was developed for a right-based provision rather than for a 
risk classification threshold. Still, the underlying logic of the SCHUFA decision, that legal characterisation 
must track functional reality rather than formal labels, is a general principle of EU law that supports the pro-
posed reading, see e.g. Case C-66/85 (Lawrie-Blum) paragraph 17. 

73 Recital (1). 
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Recital (53) articulates this purpose: there are “specific cases in which AI systems referred to 
in pre-defined areas specified in this Regulation do not lead to a significant risk of harm to the 
legal interests protected under those areas because they do not materially influence the decision-
making or do not harm those interests substantially.” Narrow procedural tasks should accord-
ingly be read as only those whose output does not bear on the legal interests that justified the 
inclusion of the area in Annex III. 

At the same time, the purpose of the carve-out requires that it not be deprived of its effet utile. 
It is easy to construct scenarios in which even narrow procedural tasks could inadvertently cause 
harm: a duplication-removal algorithm wrongly drops a job applicant who shares a name and 
date of birth with another, or a date-parsing algorithm miscomputes the applicant’s years of 
experience because of inconsistent date formats. If the notion of “narrow procedural task” were 
read so strictly that any theoretical risk arising from such combinations of AI and human error 
sufficed to defeat it, no real-world AI system could satisfy the condition, the carve-out would 
exist on paper only, and the proportionality principle would be undermined. The ECJ has con-
sistently held that derogations must be interpreted strictly, but not so as to deprive them of 
practical effect.74 Concretely, this means that the condition must be capable of covering genu-
inely low-risk procedural AI functions that are deployed within high-risk areas. 

The Act’s dual purposes thus impose a two-sided constraint: Article 6(3)(a) must be read strictly 
enough to prevent substantive decision-support functions from being relabelled as procedural, 
yet broadly enough to permit genuinely low-risk procedural functions to escape full high-risk 
compliance. 

3.3 “Preparatory task to an assessment” under Article 6(3)(d) 

3.3.1 Linguistic interpretation of “preparatory” and “to an assessment” 

Article 6(3)(d) provides that the carve-out applies where “the AI system is intended to perform 
a preparatory task to an assessment relevant for the purposes of the use cases listed in Annex 
III.” This condition is linguistically more complex than condition (a), and its interpretation re-
quires attention to each of its constituent elements. 

The term “task” must be interpreted as in condition (a) – it anchors the assessment to a specific 
delimited function performed by the AI system in its intended context of use. 

The adjective “preparatory” denotes that this is a task “that prepares or serves to prepare for 
something following; preliminary, introductory.”75 In legal parlance, a preparatory act is one 

 
74 See Case C-201/13 (Deckmyn) paragraph 23. 
75 OED preparatory (adj.), sense 1. 
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that precedes and contributes to a final determination without itself constituting that determina-
tion. The distinction between preparatory and definitive acts is a staple of EU administrative 
law.76 The distinction was central in the above-mentioned SCHUFA case, in which the Court 
found that classifying third party credit scoring as (only) a preparatory act to a subsequent credit 
decision would cause “a lacuna in legal protection”77 where the credit decision-maker would 
be unable to provide information on, and review the merits of, the automated credit scoring 
process. 

The prepositional phrase “to an assessment” establishes that the preparatory task must be di-
rected towards, and in service of, an “assessment.” This implies a temporal and functional se-
quence: first, the AI system performs a preparatory task; then, separately, an assessment takes 
place, using the output of the preparatory task. The use of the indefinite article “an” suggests 
the preparatory task must be tied to a specific assessment act, not a vague or diffuse process.  

The term “assessment” itself is not defined in the AI Act, but its ordinary general meaning 
denotes an act of estimation or evaluation.78 In the context of the Annex III areas, “assessment” 
would refer to estimations and evaluations such as, but not limited to, a natural person’s state 
of mind, creditworthiness, insurability, suitability for employment, eligibility for social bene-
fits, criminal risk, or medical condition, the state of critical infrastructure: water quality, high-
way traffic, power supply, the relevance of facts and laws in justice processes. The assessment 
task output would then in turn be input to the decision-making function that the high-risk regime 
seeks to regulate. Interestingly, unlike Article 6(3)(c), there is no specification that the assess-
ment be a “human assessment”.79 An AI system could perform a preparatory task to an assess-
ment by a (separate and different) high-risk AI system, and the former system would still qual-
ify for the Article 6(3)(d) derogation condition. 

The combined effect of these elements is that Article 6(3)(d) covers AI tasks whose outputs 
serve as inputs to functionally and temporally separate human- or AI-performed estimative or 
evaluative acts, without themselves constituting or pre-empting those acts. 

 
76 See for instance Case 60/81 (IBM v Commission), paragraphs 10-12. 
77 Case C-634/21 (SCHUFA), paragraph 48. 
78 OED assessment (n.), sense 5.a. 
79 Article 6(3)(c) “the AI system is intended to detect decision-making patterns or deviations from prior decision-

making patterns and is not meant to replace or influence the previously completed human assessment, without 
proper human review” 
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3.3.2 Systematic interpretation of “preparatory task to an assessment” 

3.3.2.1 The distinction between the preparation stage and assessment stage 

The systematic context of the AI Act supports a clear functional separation between the prepa-
ration stage and the assessment stage. If the two stages are so intertwined that the AI system’s 
output effectively constitutes the assessment, the condition is not satisfied. 

The distinction finds support in the broader architecture of Annex III. The high-risk categories 
in Annex III identify specific decision-making contexts – such as “AI systems intended to be 
used to evaluate the creditworthiness of natural persons” or “AI systems intended to be used by 
public authorities … to evaluate the eligibility of natural persons for public assistance benefits 
and services.”80 The verb “evaluate” in these descriptions denotes the assessment stage: the act 
of forming a judgment about a person’s situation. A preparatory task, by contrast, is one that 
provides the foundation on which the evaluation is performed – the visualised data, the retrieved 
documents, the translated texts – without itself performing the evaluation. 

3.3.2.2 The role of human oversight and responsibility 

The systematic relationship between Article 6(3)(d) and Article 14, as for condition (a), has two 
implications. 

First, for a task to be genuinely preparatory it must leave the human decision-maker in a position 
to conduct the assessment independently. If the output pre-structures the assessment – by fil-
tering information, by ranking, or by issuing a recommendation the assessor must affirmatively 
reject – the system has shifted the cognitive burden, and the carve-out should not apply.81 

Second, the output of a preparatory task should be transparent and verifiable. Whether it is 
verifiable in fact depends on the assessor’s capabilities: an Urdu-to-Norwegian translation in 
an asylum case is preparatory only where the assessor has practical access to Urdu proficiency. 
The same AI system may therefore qualify in one deployment context and not in another, which 
makes it important that the provider documents the assumed “specific context and conditions 

 
80 Annex III, points 5(a) and 5(b). 
81 Crootof, Kaminski, and Price (2023) 473–487 identify nine distinct roles that humans may play in algorithmic 

systems, including “correctional” roles (correcting errors and adding situational context), “friction” roles 
(slowing down automated decisions to prevent harms), and “stand-in” roles (providing a symbolic demonstra-
tion that oversight has occurred without substantive review). The label “human in the loop” is compatible with 
all of these roles, including those that provide no meaningful safeguard. For Article 6(3)(d) to serve its pur-
pose, the relevant question is not merely whether a human performs the subsequent assessment, but whether 
the system’s design and the nature of its output support a corrective or substantive human role rather than a 
merely symbolic one. 
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of use”82 and that the deployer adheres to them, otherwise risking attaining provider obligations 
through the Article 25(1)(c) mechanism. 

Similarly, if a system is classified as not-highrisk on the ground that its task is merely prepara-
tory, the Article 14(4)(b) safeguards against “automation bias” do not apply. This is the case 
where the output is factual and verifiable (such as a list of documents or the above-mentioned 
translation example), but less so where the output is probabilistic and evaluative (such as a 
relevance score83 or an executive summary).84 In the latter case, the cognitive dynamics of au-
tomation bias mean that the AI system effectively contributes to the assessment, even if the 
assessor technically has access to the underlying data for review when making the assessment.85 

3.3.3 Teleological interpretation: the purpose and limits of excluding preparatory 
tasks from high-risk classification 

The purpose of Article 6(3)(d) parallels that of condition (a): to keep the high-risk classification 
from extending to AI systems whose function does not engage the interests the regulation seeks 
to protect. Its specific rationale is that many Annex III use cases involve multi-stage processes 
in which AI is deployed at the preparatory stage but not at the stage of evaluative judgment – 
for example, an AI database search for candidates matching formal recruitment criteria while a 
human interviewer performs the substantive suitability assessment, or AI-assisted retrieval and 
translation of case law while the judicial assessment remains the prerogative of the judge. 

The purpose of the carve-out is thus to recognise that the high-risk regime is concerned with AI 
functions that bear on the substance of assessments and decisions affecting fundamental rights, 
and that functions which merely facilitate the administrative preconditions for such decisions – 
making information available, organising files, translating documents – do not require the same 

 
82 From the “intended use” definition of Article 3(12). 
83 In Enarsson, Enqvist, and Naarttijärvi (2022) 141–145 the authors highlight the Swedish Social Insurance 

Agency’s use of automated decision-support systems for sickness benefit assessments, in which AI systems 
flag cases meeting certain statistical criteria for expedited processing while the formal assessment is performed 
by a human administrator. An internal audit found that investigative insufficiencies were present in 67 percent 
of examined cases, and that only approximately one-fourth of cases were both sufficiently investigated and 
correctly assessed. These findings exemplify that where AI systems perform “preparatory” work that enriches 
the informational basis on which human assessors rely, the quality of the subsequent human assessment may 
be compromised – not because the AI system performs the assessment itself, but because it shapes the cogni-
tive conditions under which the assessment takes place, e.g. through a perceived lack of need for additional 
(human) investigation. 

84 In Wachter, Mittelstadt, and Floridi (2017) 78–84 the authors distinguish between ex ante transparency (system-
level information about how a system functions) and ex post explanation (decision-specific reasoning about 
why a particular output was produced). Their analysis supports the point that a preparatory output must be 
sufficiently understandable and verifiable for the assessor to engage critically with it. 

85 This argument draws on the SCHUFA doctrine: if the AI system’s output plays a “determining role” in the 
assessment, the nominal involvement of a human does not change its functional character. 



Candidate number: 576 
 

26 
 

intensity of regulation. At the same time, the carve-out must not be allowed to become a vehicle 
for exempting decision-support systems that, in substance, perform or pre-empt the assessment. 
In any case the SCHUFA doctrine of GDPR Article 22, discussed in Section 3.2.2 above, pro-
vides an upper boundary by analogy: A task should not be considered genuinely preparatory in 
the context of Article 6(3)(d) if its output plays a “determining role” in the following assess-
ment.86 

3.4 The distinction between “procedural” tasks and “preparatory” tasks 

What is perhaps less clear in the context of the AI Act is the distinction between the “proce-
dural” tasks of Article 6(3)(a) and the “preparatory” tasks of Article 6(3)(d). As discussed above 
and in Section 3.2 they both share the characteristic of being separate from and not substantially 
affecting estimative or evaluative tasks, or the decision-making based on such assessments. 
Why did the legislator deem it necessary to include both Articles 6(3)(a) and (d) as separate 
conditions? An obvious difference is that Article 6(3)(a) contains no temporal qualification: A 
procedural task may well be performed after the assessment or decision to which it belongs, for 
instance to document and communicate the decision according to a set procedure. Apart from 
this, for tasks performed before an assessment or decision, “preparatory” casts a broad net that 
absorbs “procedural”: All preceding procedural tasks are by nature also preparatory, but not all 
preparatory tasks are merely procedural. 

Recital (53) reinforces this reading by offering examples of tasks that may fall within the pre-
paratory category. The recital mentions AI systems that constitute “smart solutions for file han-
dling, which include various functions from indexing, searching, text and speech processing, or 
linking data to existing data sources, or AI systems used for translation of initial documents.” 
A shared feature of these “preparatory” examples compared to their “procedural” counterparts 
is that they create or significantly transform information to make more accessible and usable 
for a later assessment, without assigning evaluative weight. A search system creates indexing 
metadata to better facilitate the search for relevant files and insights. A transcription system 
converts audio into more easily searchable text. A translation system converts a document into 
a language the decision-maker can read. This is something more than purely procedural pro-
cessing, but neither function involves judgments about the significance of the information for 
the outcome of an assessment. 

As with procedural tasks, the preparatory boundary becomes contested where the AI system’s 
output does more than organise or present information – where it synthesises, ranks, transcribes, 
translates, or summarises in a way that structures the decision-maker’s cognitive field. A system 
that generates indexes that allow retrieval of documents matching a search specification and 

 
86 The limits of the SCHUFA analogy are discussed in footnote 72. 
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presents them in chronological or alphabetical order is preparatory – at least if the indexing/re-
trieval algorithm is formal and transparent. A system that retrieves documents and also high-
lights the passages deemed most “relevant” to a given assessment – thereby directing the asses-
sor’s attention and framing the analysis – occupies an intermediate zone: Such a relevance clas-
sification might easily qualify as an assessment in itself. And a system that generates a summary 
“risk classification” or “recommendation” based on a synthesis of all the retrieved information 
has clearly crossed from pure preparation into the assessment stage. 

3.5 “Profiling of natural persons” under Article 6(3) third subparagraph 

The third subparagraph of Article 6(3) establishes a categorical override to the carve-out mech-
anism: “Notwithstanding the first subparagraph, an AI system referred to in Annex III shall 
always be considered to be high-risk where the AI system performs profiling of natural per-
sons.” This carve-out from the carve-outs is absolute, “always” underscores that it leaves no 
room for case-by-case risk assessment of profiling systems. 

Article 3(52) ties the definition of “profiling” to GDPR Article 4(4): “‘profiling’ means any 
form of automated processing of personal data consisting of the use of personal data to evaluate 
certain personal aspects relating to a natural person, in particular to analyse or predict aspects 
concerning that natural person’s performance at work, economic situation, health, personal 
preferences, interests, reliability, behaviour, location or movements.”  

The profiling override creates an important interaction between the AI Act and the GDPR. Be-
cause the AI Act imports the GDPR definition of profiling, developments in the interpretation 
of that definition – including guidance from the European Data Protection Board and future 
ECJ jurisprudence – will directly affect the scope of the Article 6(3) carve-out. The Article 29 
Working Party (now the EDPB) adopted guidelines which interpret the concept of profiling 
broadly and emphasise that the evaluative element is a decisive criterion: processing that merely 
handles personal data without evaluating the person does not constitute profiling, while pro-
cessing that draws inferences about personal characteristics does constitute profiling, even if no 
material decision follows immediately from the assessment.87 This interpretative guidance, 
while not binding, provides a relevant point of reference for the application of the profiling 
override under the AI Act. 

A full review of the concept of “profiling” in GDPR is outside the scope of this thesis. For 
present purposes it suffices to note that the override is engaged whenever an AI task uses per-
sonal data within the meaning of GDPR Article 4(1) to evaluate personal aspects of a natural 
person. The list of aspects in Article 4(4) is illustrative and non-exhaustive: any automated 

 
87 Article 29 Working Party (2018) pages 6-8. 
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evaluation of a personal aspect falls within the definition, whether or not the specific aspect is 
enumerated. 

The term “evaluate” indicates such profiling would involve estimates and assessments that 
would in themselves quickly challenge the procedural/preparatory boundaries of the Article 
6(3)(a) and (d) conditions. The override sets an absolute floor for the carve-outs: an AI system 
that evaluates personal aspects on the basis of personal data is always high-risk in an Annex III 
context, with far-reaching consequences in sectors whose core function is the assessment of 
individuals. For example, in creditworthiness evaluation, AI systems typically assess a person’s 
“economic situation” and “reliability” — both enumerated profiling aspects — and accordingly 
cannot benefit from the carve-out regardless of how the provider characterises the task. Health 
and life insurance prediction provide a parallel example. The categorical override forecloses 
case-by-case auditing of harmful profiling claims, confining the Article 6(3) carve-outs to 
purely administrative and logistical tasks without human-evaluative elements. 

  



Candidate number: 576 
 

29 
 

4 Operationalising the criteria: a framework for applying 
Article 6(3)(a) and (d) 

4.1 From interpretation to operationalisation 

The following framework is derived from the legal analysis in Chapters 2 and 3 and is offered 
as a doctrinal contribution to the applied interpretation of Article 6(3)(a) and (d). The criteria 
are designed to be applied sequentially: each criterion must be satisfied before proceeding to 
the next. A negative answer at any stage terminates the assessment with the conclusion that the 
carve-out does not apply. This sequential structure reflects the principle of strict interpretation 
of derogations: each criterion functions as a necessary condition, and only the cumulative sat-
isfaction of all criteria is sufficient to support the conclusion that the AI system’s task falls 
within Article 6(3)(a) or (d).88 

4.2 The proposed criteria 

4.2.1 Criterion 1: The profiling threshold – does the task involve profiling of natural 
persons? 

The assessment starts with determining whether the AI system performs profiling of natural 
persons within the meaning of the GDPR Article 4(4).89 As discussed in Section 3.5, the pro-
filing override is absolute: where it applies, the AI system is always high-risk, regardless of any 
other consideration. The criterion gives a preliminary gate: If the AI system performs profiling, 
the Article 6(3) carve-outs are categorically unavailable. 

Beginning the assessment with this criterion is practical. A significant number of AI systems 
deployed in Annex III areas — creditworthiness assessment, insurance risk scoring, predictive 
policing, recidivism prediction, employee performance monitoring — involve profiling tasks 
by their very nature. For these tasks, any further analysis of the “procedural” or “preparatory” 
character is superfluous. At the same time, the profiling override applies at the level of the task, 
not of the domain: Other AI systems within the same workflow — for example, those perform-
ing data deduplication, document classification, or speech-to-text transcription — remain eligi-
ble for the carve-out where the substantive criteria below are satisfied. The profiling threshold 
filters out many common assessment-bearing tasks at the outset, concentrating the remaining 

 
88 The sequential structure draws on the approach proposed for AI risk classification in Hanif et al (2024), who 

advocate decision-tree frameworks for operationalising complex regulatory classifications. 
89 Article 6(3) third subparagraph, read in conjunction with Article 3(52) and GDPR Article 4(4). See also GDPR 

Article 29 Working Party (2018) pages 6-8 on the broad interpretation of the evaluative element in profiling. 
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analysis on the auxiliary tasks that do not involve the evaluative assessment of personal aspects 
(but might still be high risk through other mechanisms, discussed in the following criteria).90 

The criterion also has a methodological function. As observed in Section 3.5, the EDPB’s in-
terpretation of profiling emphasises the evaluative element: processing that merely handles per-
sonal data without evaluating the person does not constitute profiling. This distinction maps 
directly onto the boundary between syntactic and semantic processing discussed in Section 
3.2.1. An AI system that processes personal data for purely formal purposes – verifying the 
format of a national identity number, detecting duplicate entries in a database of applicants, or 
converting a handwritten application form into structured digital text – handles personal data 
but does not evaluate the person. Such systems pass this first criterion and proceed to the sub-
stantive assessment under the remaining criteria.91 

4.2.2 Criterion 2: Task delimitation – is the task specific, defined, and bounded? 

The second criterion follows from the textual analysis of “task” in Section 3.2.1 and the “nar-
row” qualifier applicable to condition (a). To qualify under either Article 6(3)(a) or (d), the 
function performed by the AI system must constitute a specific, delimited, and bounded piece 
of work within a broader process. This requirement has three sub-dimensions. 

First, the task must be identifiable as a discrete function with clear inputs and outputs. It must 
be possible to describe what the AI system does in concrete operational terms: what data it takes 
in, what operations it performs, and what output it produces. An AI system whose function is 
only described in vague or open-ended terms — “assisting with recruitment decisions” or “sup-
porting insurance assessments” — fails this requirement, because the description does not iden-
tify a delimited task but rather a broad functional domain. 

Second, the task must have definable boundary conditions: a clear beginning and end within 
the process in which it is embedded. The function should not extend across multiple stages of 
the decision-making workflow. An AI system that both collects and organises evidence and 
then prioritises or ranks it for the decision-maker is performing two functionally distinct tasks, 
one of which may be preparatory while the other may be substantive. The provider cannot bun-
dle these into a single “task” description and claim the benefit of the carve-out for the compo-
site.92 

 
90 In Section 5.3 I briefly discuss de lege ferenda whether the automatic disqualification of all profiling tasks 

should be replaced by a more nuanced approach. 
91 EDPB’s guidance in Article 29 Working Party (2018) emphasises that not all automated processing of personal 

data constitutes profiling; only processing that “involves some form of assessment or judgment about a per-
son” qualifies. 

92 See discussion in Section 2.3.3. 
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Third, for Article 6(3)(a) specifically, the task must be “narrow”: it must operate at the limited 
end of the scope spectrum. An AI system performing a single, well-defined data transformation 
(extracting dates from documents) satisfies the narrowness requirement. An AI system perform-
ing a range of data transformation tasks across a broader workflow, even if each individual task 
is procedural, may not satisfy the narrowness criterion where its combined function spans a 
significant portion of the information processing chain. The narrowness qualifier, however, ap-
plies only to Article 6(3)(a). Article 6(3)(d) speaks of a “preparatory task” without that qualifier, 
so a preparatory task may be broader in scope than a narrow procedural task, provided the other 
criteria are met.93 

4.2.3 Criterion 3: The nature of the operation – syntactic or semantic? 

The third criterion draws on a central distinction developed in the textual analysis of Article 
6(3)(a) and (d): the distinction between syntactic and semantic processing. A task is syntactic 
where it operates on the form, structure, or format of information without engaging with its 
evaluative content. A task is semantic where it operates on the meaning, significance, or eval-
uative implications of information in relation to the decision to be made.94 The criterion applies 
to both Article 6(3)(a) and Article 6(3)(d), but with different stringency: Article 6(3)(a) requires 
the task to be strictly syntactic, while Article 6(3)(d) tolerates a degree of semantic processing 
provided it does not generate evaluative conclusions about the subject matter of the subsequent 
assessment. The two cases are addressed in turn below. 

For Article 6(3)(a), this criterion is decisive: only tasks that are syntactic in character qualify as 
“procedural.” The Recital (53) examples – transforming unstructured data into structured data, 
classifying documents into formal categories, detecting duplicates – are all syntactic operations 
whose correctness is, in principle, objectively verifiable by reference to formal criteria. A sys-
tem that categorises incoming insurance claims by document type (medical certificate, police 
report, invoice) performs a syntactic operation; a system that categorises the same claims by 
estimated severity or likely outcome performs a semantic one. 

For Article 6(3)(d), the syntactic/semantic distinction operates differently. As discussed in Sec-
tion 3.3.2, a preparatory task may involve a degree of semantic processing – translation, tran-
scription, indexing – that goes beyond purely formal data manipulation. The Recital (53) ex-
amples of preparatory tasks include “text and speech processing” and “translation of initial 
documents,” which inherently involve engagement with the meaning of language. The decisive 
question under Article 6(3)(d) is therefore not whether the operation is strictly syntactic, but 

 
93 See the discussion in Section 3.4 on the distinction between “procedural” and “preparatory” tasks. 
94 See Section 3.2.1.3, drawing on Floridi (2011) for the distinction between syntactic and semantic information 

processing. 
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whether it generates evaluative conclusions about the subject matter of the subsequent assess-
ment. A translation makes information accessible in another language; it does not evaluate its 
significance for the decision. A transcription converts speech to text; it does not assess the 
credibility or relevance of what was said. An indexing system creates retrievable metadata; it 
does not determine which information matters. 

This yields a more nuanced formulation of Criterion 3 for the two conditions: Under Article 
6(3)(a), the task must be strictly syntactic – limited to operations on the form, structure, or 
format of data. The system must not produce outputs that require the exercise of evaluative 
judgment to generate, as opposed to the application of formal, rule-based, or deterministic cri-
teria.95 Under Article 6(3)(d), the task may involve a degree of evaluative semantic processing, 
but the output must not contain evaluative conclusions about – or assign evaluative weight to 
information in relation to – the subject matter of the subsequent assessment. This is closely tied 
to Criterion 4 below. In practice the Article 6(3)(d) formulation will be the most common ap-
plication of Criterion 3, since all preceding procedural tasks are also by nature preparatory. 

4.2.4 Criterion 4: Functional role – does the output bear on the substance of an 
assessment or decision? 

Even where a task is delimited and operates within the syntactic or permissible semantic range, 
the Article 6(3) carve-out requires that it does not bear on the substance of the relevant decision 
or assessment. This criterion operationalises the SCHUFA doctrine discussed in Chapter 3: the 
legal characterisation of a task depends not on its formal position in a workflow, but on its 
functional role in relation to the decision affecting the natural person. 

The operative question is: Could a reasonable decision-maker’s conclusion be different depend-
ing on how the AI system performs its task, compared to another (differently designed) AI 
system, or a human assistant? If the answer is yes — if choices made through the AI system’s 
design, inference model, and output presentation shapes, narrows, or pre-structures the infor-
mational basis on which a substantive assessment or decision is made in a way that could alter 
the outcome — then the AI system’s task bears on the substance of the decision and the carve-
out does not apply. If the answer is no — if the AI system’s task is such that performing it with 

 
95 This formulation reflects the verifiability characteristic identified in the Recital (53) examples: the “correct” 

output of a procedural task is objectively determinable. See the discussion in Section 3.2.1. 
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a different system, or having a human perform the task, would not change the substantive in-
formation available to the decision-maker (barring outright system malfunctions and human 
error) — then the task does not bear on the substance of the decision.96 

This criterion can be further operationalised through a counterfactual test: Would the decision-
maker, in a plausible scenario, reach a different substantive conclusion if the AI system was 
unavailable, and the decision maker had to perform the procedural or preparatory task them-
selves? For instance, the task of sorting job applications by the applicants’ alma mater does not 
bear on the substance of a hiring decision: the same applications are before the assessor regard-
less of their ordering, and no substantive information is added or subtracted. Sorting applica-
tions by “relevance” to the job description, by contrast, structures the assessor’s cognitive field 
in a way that could affect which candidates receive closer attention, bearing directly on the 
substance of the decision. 

As indicated above, what amounts to a “different substantive conclusion” should not be ex-
tended to include errors from system malfunctions (or human error) in the otherwise purely 
procedural or preparatory function itself. The effet utile principle discussed in Section 3.2.3 
requires that the carve-out not be deprived of its practical effect. Every AI system is capable of 
error, and a translation error, a transcription mistake, or even a mis-parsed date could in princi-
ple lead a decision-maker to a different conclusion. If the counterfactual test were applied so 
stringently as to capture every possible error in a procedural or preparatory function, the carve-
out would be rendered empty. The question must be to the designed functional role of the out-
put, not to the consequences of malfunction.97 

4.2.5 Criterion 5: Transparency – is the output transparent and verifiable? 

The fifth criterion follows from the systematic relationship between Article 6(3) and Article 14 
on human oversight, as analysed in Sections 3.2.2 and 3.3.2.2. For a task to be genuinely pro-
cedural or preparatory, the output must be transparent and verifiable by the person who per-
forms the subsequent assessment or decision. 

Transparency here means that the nature of the operation performed by the AI system must be 
comprehensible to the person receiving the output. The assessor should understand what the 
system has done: that it has translated a document, converted speech to text, or extracted dates 
from a collection of files. Verifiability means that the recipient of the output must be able, in 

 
96 This counterfactual test is inspired by the SCHUFA reasoning, in which the Court assessed whether the credit 

score played a “determining role” in the lending decision by examining whether the third party would reach a 
different conclusion absent the score. See Case C-634/21 (SCHUFA), paragraph 50. 

97 See the discussion of effet utile in Section 3.2.3: the carve-out must not be interpreted so restrictively that no 
real-world AI system could satisfy it. 
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principle, to check the output against the underlying data. A translated document can be checked 
against the original by a person with the requisite language proficiency. A date extraction can 
be verified against the source document. A duplicate detection result can be confirmed by com-
paring the flagged records. 

Where the output is opaque — where the system produces a result that the assessor can observe 
but cannot meaningfully verify — the conditions for the carve-out are not satisfied. The dis-
tinction between ex ante transparency (system-level information) and ex post explanation (de-
cision-specific reasoning) is relevant here.98 The Article 6(3) carve-out does not require full 
algorithmic transparency, but it does require that the output be of a kind that a competent as-
sessor can critically evaluate. A list of extracted data fields is verifiable. A probabilistic rele-
vance score, generated by an opaque model, is not – or at least not without the kind of technical 
infrastructure that Article 14 is designed to mandate. 

This criterion also has a contextual dimension. Whether an output is verifiable depends not only 
on the nature of the output itself but on the capabilities and resources of the person who receives 
it. As noted in Section 3.3.2.2, translating an asylum application from Urdu to Norwegian is 
verifiable only if the assessor has access to proficiency in the original language. A system that 
is deployed in a context where practical verification by the assessor is impossible is, from a 
functional perspective, not producing a transparently verifiable output – even if the output is, 
in abstract, of a kind that could be verified. The verifiability assessment must be made with 
reference to the actual conditions of deployment, not to an idealised scenario.99 

4.2.6 Criterion 6: Automation bias resilience – is the output inherently resistant to 
uncritical reliance? 

The final criterion addresses the risk of automation bias; a concern identified in Sections 3.2.2 
and 3.3.2 as central to the systematic interpretation of both conditions (a) and (d). AI systems 
exempted under Article 6(3) are relieved of the very human oversight design requirements that 
are intended to counteract automation bias. The exemption is justified only where the nature of 
the AI system’s task and output is such that the risk of uncritical reliance is inherently limited. 

This criterion asks whether the output of the AI system is of a kind that, by its nature, invites 
independent assessment rather than deference. Factual, discrete outputs – a list of extracted 
dates, a translated document, a set of identified duplicate records – are inherently resistant to 
automation bias because they present information without suggesting a course of action. They 

 
98 Wachter, Mittelstadt, and Floridi (2017) 78–84 explore this distinction in the context of algorithmic decision-

making under the GDPR. 
99 This contextual approach is consistent with the Act’s definition of “intended purpose” in Article 3(12), which 

anchors the assessment to “the specific context and conditions of use.” 



Candidate number: 576 
 

35 
 

do not tell the decision-maker what to think about the information; they merely make the infor-
mation available in a usable form. By contrast, outputs that aggregate, evaluate, or assign prob-
abilities — an executive summary emphasising “key findings,” a relevance ranking, a risk score 
— are inherently susceptible to automation bias because they compress complex information 
into a cognitively convenient form that the decision-maker is incentivised to adopt rather than 
scrutinise.100 

The AI Act’s treatment of automation bias has been criticised for requiring awareness of the 
risk without adequately aligning provider and deployer obligations with the cognitive, design-
related and contextual mechanisms through which automation bias arises, despite Article 14’s 
provider-side human-oversight design duties and Article 26’s deployer-side competence and 
training obligations.101 This concern reinforces the importance of Criterion 6 for the Article 
6(3) assessment: if even the Article 14 and 26 safeguards are not to apply, it follows systemat-
ically that the nature of the task and its output must be such that the risk of cognitive reliance 
is inherently very low. The assessment must consider both the formal characteristics of the 
output and the cognitive dynamics of the context in which it is received. An output that appears 
“neutral” in isolation may become decision-determinative when presented to an overworked 
assessor processing a high volume of cases under time pressure.102 

4.3 Application to illustrative cases 

The framework is tested in three illustrative case studies detailed in the Appendix, each drawn 
from a distinct Annex III sector. The summaries below highlight what each case contributes to 
the analysis; the criterion-by-criterion application is set out in full in the Appendix. 

The first case examines an AI system used to translate asylum applicants’ written statements 
into the language of the receiving state, the translation feeding into the eligibility assessment 
by the case officer. The case illustrates the contextual sensitivity of Criterion 5: the same AI 
system may qualify for the Article 6(3)(d) carve-out in one deployment context and not in an-
other, depending on whether the case officer has practical access to native-language proficiency 
to verify the translation. Where verification is illusory, a translation that is in abstract verifiable 
becomes functionally determinative, and the carve-out does not apply. 

 
100 See Crootof, Kaminski, and Price (2023) pages 473-487 on the distinction between “correctional” roles (in 

which humans genuinely assess and override AI outputs) and “stand-in” roles (in which human involvement 
is symbolic rather than substantive). 

101 Laux and Ruschemeier (2025) pages 1524-1526, especially Section III and III.1. 
102 See Enarsson, Enqvist, and Naarttijärvi (2022) on the Swedish Social Insurance Agency audit findings dis-

cussed in Section 3.3.2.2, footnote 83. 
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The second case examines a multi-stage recruitment workflow – data extraction, rule-based 
scoring, soft-criteria evaluation, and final ranking. It illustrates the filtering function of the pro-
filing override: the earliest stage (data extraction) qualifies for the carve-out under both Article 
6(3)(a) and (d), while each subsequent stage that introduces evaluative engagement with can-
didates’ personal aspects – even through transparent rule-based criteria – is foreclosed by the 
third-subparagraph override. The result is a characteristic gradient: AI can support the admin-
istrative preconditions of recruitment without engaging the high-risk regime, but the moment it 
begins evaluating the candidate, the carve-out is categorically unavailable. 

The third case examines a clinical documentation workflow comprising audio transcription, 
speaker classification, statement classification, removal of non-relevant content, and confi-
dence scoring of classifications. It demonstrates, on the one hand, that AI systems can perform 
highly semantic operations and still qualify for the Article 6(3)(d) carve-out where the operation 
is undeniably preparatory and presents no significant risk of steering the subsequent assessment. 
On the other hand, it produces a paradoxical result discussed in Section 5.3 below: adding con-
fidence scores to an otherwise carve-out-eligible classification task takes the system out of the 
carve-out, because the confidence scoring directs the human assessor’s attention in a manner 
that bears on the quality and thoroughness of the medical review. 

4.4 On the interrelation of criteria 3 to 6 

Criteria 3 to 6 are interrelated aspects of a single underlying inquiry: whether the AI system’s 
task remains functionally separate from the substantive assessment or decision. They are not 
collapsible into a single test that covers both 6(3)(a) and (d) pathways, however, because the 
boundary between procedural/preparatory and substantive is itself multi-dimensional. 

Criterion 3 asks what kind of operation the system performs: does it process the form of infor-
mation (syntactic) or its evaluative content (semantic)? A system may be syntactic in its oper-
ation – producing the output through formal, rule-based parsing – yet substantive in its func-
tional role, where that output has strong impact on an outcome: e.g. a date-extraction algorithm 
whose parsed value is solely relied upon to decide whether a statutory time limit has been met. 
Such a system passes Criterion 3 but fails Criterion 4. Conversely, a system may perform se-
mantic processing, translation, transcription, whose output does not bear on the substance of 
the subsequent assessment because it merely makes information accessible without assigning 
evaluative weight. Such a system may fail Criterion 3's strict syntactic test under Article 6(3)(a) 
yet still qualify under Article 6(3)(d) if Criterion 4 is satisfied. Finally, a non-preparatory pro-
cedural system (e.g. generating documentation after a decision has been made) may fail the 
Criterion 3 syntactic test while passing Criterion 4. 
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Criterion 4 asks what functional role the output plays: does it contribute to the substance of the 
decision? This is a question about the output's relationship to the decision-making chain, not 
about the nature of the operation that produced it. The SCHUFA-derived counterfactual test 
operationalises this inquiry. A system that performs a syntactic operation may still fail Criterion 
4 if its output, despite being formally procedural, plays a “determining role” in the subsequent 
assessment. Criterion 4 thus catches cases that Criterion 3 alone would miss. 

Criterion 5 asks whether the output is transparent and verifiable, whether the human assessor 
can check the AI's work. This is analytically distinct from both the nature of the operation (Cri-
terion 3) and the functional role of the output (Criterion 4). A system may perform a semantic 
but non-evaluative operation (passing Criterion 3 for Article 6(3)(d)) whose output does not 
bear on the substance of the decision (passing Criterion 4) but which is nevertheless opaque, 
e.g. a search system that uses a proprietary relevance algorithm that the assessor cannot inter-
rogate to retrieve and translate news articles for anti-money-laundering know-your-customer 
research. Such a system may fail Criterion 5 even though it passes Criteria 3 and 4. 

Criterion 6 adds the cognitive dimension. Even transparent outputs with no formal bearing on 
the substance of the decision may invite complacent deference if presented as confidence 
scores, rankings, or colour-coded priorities. The clinical documentation confidence-score ex-
ample summarised in Section 4.3 and developed in full in the Appendix illustrates this dynamic. 

In short, Criterion 3 asks what the system does; Criterion 4 asks what the output means for the 
decision; Criterion 5 asks whether the human can check; and Criterion 6 asks whether the hu-
man will check. Each captures a dimension that the others, on their own, would miss. 
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5 Conclusion 

5.1 Answer to the research question 

Six operative criteria are derived in this thesis from the AI Act's text, systematic context, anal-
ogies from GDPR Article 22 and the ECJ's SCHUFA judgment, and information theory, to 
operationalise the notions of “narrow procedural task” and “preparatory task to an assessment” 
in Article 6(3)(a) and (d): 

1. whether the task involves profiling of natural persons, which categorically precludes the 
carve-out, 

2. whether the task is specific, bounded, and – for Article 6(3)(a) – narrow, 
3. whether the operation is syntactic rather than semantic, or – for Article 6(3)(d) – whether 

it is preparatory without generating evaluative conclusions about the subject matter of 
the subsequent assessment, 

4. whether the output bears on the substance of the decision, assessed through a counter-
factual test derived from the SCHUFA “determining role” doctrine, 

5. whether the output is transparent and verifiable by the human assessor in the actual 
conditions of deployment; and 

6. whether the output is inherently resistant to uncritical reliance in the absence of Article 
14 human-oversight safeguards. 

Applied sequentially and cumulatively, these criteria reduce the risk of regulatory arbitrage by 
providing a structured methodology that prevents substantive decision-support functions from 
being re-characterised as “procedural” or “preparatory,” while preserving the carve-outs' effet 
utile for genuinely low-risk administrative and logistical AI functions deployed within Annex 
III areas. 

5.2 Summary of findings and contributions 

The answer to the research question rests on the interpretive analysis conducted in Chapters 2 
through 4. The Article 6(3) carve-out operates as a proportionality “safety valve” on a blanket 
high-risk presumption within Annex III; the assessment is task-centred rather than system-cen-
tred; and the self-assessment model places a premium on the clarity of the substantive criteria. 
Textual analysis, drawing on information theory, identified the key distinctions: between “nar-
row” and broad tasks, between “procedural” (syntactic) and substantive (semantic) processing, 
and between “preparatory” functions and those bearing on the substance of an assessment. The 
systematic analysis drew on Article 14 on human oversight, the GDPR Article 22 framework 
on automated individual decision-making, and the ECJ's SCHUFA judgment, which established 
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that the legal characterisation of a task depends on its functional role in the decision-making 
chain rather than on its formal position in a workflow. The teleological analysis confirmed a 
two-sided interpretive constraint: the carve-outs must be read strictly enough to prevent sub-
stantive decision-support functions from being relabelled as procedural or preparatory, yet 
broadly enough to preserve their effet utile for genuinely low-risk administrative functions. 
From this the operationalised criteria were derived. 

The illustrative examples summarised in Section 4.3 and developed in full in the Appendix 
demonstrate the framework's practical utility across Annex III sectors. Applying the criteria to 
a clinical documentation workflow illustrates a counterintuitive but analytically interesting re-
sult: an AI system may lose its Article 6(3)(d) exemption by providing more information — 
such as confidence scores — that steers the human quality assurance process, even where the 
underlying classification task itself remains preparatory. The recruitment workflow illustrated 
the profiling override's decisive filtering function: the moment an AI system begins evaluating 
personal characteristics of candidates, even through transparent rule-based criteria, the carve-
outs are categorically unavailable. 

The criteria are intended to serve as a practical interpretive tool for three principal audiences: 
Providers, who bear the Article 6(4) self-assessment burden and need a structured methodology 
for documenting their classification; deployers, who under Article 25(1)(c) risk reclassification 
as providers if they use a system outside its documented intended purpose, and need a basis for 
critically evaluating the provider’s characterisation; and national market surveillance authori-
ties, who need assessable dimensions for reviewing self-assessments. 

5.3 De lege ferenda: improving the legislative framework 

The analysis reveals weaknesses in the Article 6(3) framework that warrant legislative, Com-
mission, or supervisory clarification. I offer four de lege ferenda reflections: 

First, I refer to the analysis in Section 3.1.2, arguing that the relationship between the general 
“no significant risk of harm” condition and the four enumerated conditions is unclear, but that 
the better reading is that the four conditions are the sole gateway to the carve-out. Confirming 
this in Article 6(5) guidance or through textual amendment would improve legal certainty. 

Second, the profiling override in the third subparagraph operates as a categorical bar: any AI 
task that evaluates personal aspects of a natural person triggers the high-risk regime, regardless 
of whether the evaluation operates to the person’s detriment or to their benefit. This binary 
treatment may be appropriate for prototypical cases such as credit scoring or recidivism predic-
tion, where the evaluation directly conditions an adverse outcome. It is less obviously appro-
priate for “Pareto-improving” deployments in which a profiling system clearly supports the 
person profiled without exposing them to any risk of harm – for example, an employee-
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onboarding or upskilling tool that profiles a new hire’s existing skills in order to recommend a 
personalised training pathway, where the recommendation cannot serve as the basis for any 
decision adverse to the employee and the employee retains the option to disregard it. Capturing 
such systems within the high-risk regime by virtue of the profiling alone is, in my view, dispro-
portionate. A targeted Article 6(5) clarification, or a textual amendment to the third subpara-
graph, could permit profiling-based AI to fall within Article 6(3)(d) where the system’s output 
is used only in the deployer’s stated interest in supporting the person profiled, the output cannot 
be used as the basis for any adverse decision concerning that person, and the person retains a 
meaningful right to opt out. With such conditions I believe the cost — making it somewhat 
harder to police covert evaluative scoring of natural persons — is worth paying to remove the 
disincentive for genuinely beneficial profiling-based applications in Annex III sectors. 

Third, the framework yields a paradoxical result in cases involving confidence reporting on 
otherwise preparatory tasks, as illustrated by the clinical documentation case study summarised 
in Section 4.3 and detailed in the Appendix. A system performing speaker labelling or statement 
labelling without confidence scores passes the derogation criteria, while a system returning the 
same outputs with confidence scores included does not, because the confidence scores risk 
steering the human quality assurance. It is somewhat counterintuitive that a system can change 
classification from “high-risk” to “not-highrisk” simply by offering less information relevant 
to the subsequent human review. In my view, the result is nevertheless defensible. Article 6(3) 
is concerned not with the volume of information an AI system produces, but with whether the 
form of that information meaningfully shifts cognitive effort from the human assessor to the 
system. A bare classification leaves the assessor in the position of judging whether to trust each 
label on its own evidentiary footing; a confidence-scored classification invites the assessor to 
partially delegate that judgment to the system. The Article 14 design requirements are calibrated 
to the latter case, and so is the high-risk regime as a whole. The open de lege ferenda question, 
in my view, is whether providers should nevertheless be incentivised to provide such transpar-
ency information – for example, through a graduated regime that admits transparent confidence 
reporting under stricter human-oversight conditions. 

Fourth, the self-assessment model of Article 6(4) places the classification burden on the pro-
vider, but the analysis in Chapters 3 and 4 has shown that several of the operative criteria – 
particularly the transparency, verifiability, and automation bias dimensions – depend heavily 
on the conditions of deployment, on which the provider can only make assumptions. The Act's 
current architecture addresses this partly through the deployer's obligations under Article 26 
and the reclassification mechanism of Article 25(1)(c), but it does not require the provider to 
specify the deployment conditions under which the Article 6(3) assessment was made beyond 
the intended purpose “specific context and conditions of use” of Article 6(4) read in conjunction 
with Article 49(2), Article 71, Annex VIII A(5), and Article 3(12). I submit that — as part of 
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the Article 6(3) and (4) self-assessment and registration — there should be an explicit require-
ment on providers documenting context and conditions of use to specify in detail the assumed 
roles and capabilities of the humans in/on the loop,103 the availability of verification mecha-
nisms, and the organisational context. This would make the contextual dependencies of the 
classification transparent and enable deployers and supervisory authorities to assess whether 
the provider's assumptions hold in their specific context.104 

5.4 Residual uncertainties and directions for future research 

The boundary between syntactic and semantic processing, while analytically useful, will require 
further calibration for natural language processing tasks that inherently involve engagement 
with meaning. The Recital (53) examples of preparatory tasks – text processing, translation, 
indexing – demonstrate that some degree of semantic engagement is compatible with the Article 
6(3)(d) derogation, but the threshold beyond which semantic processing becomes evaluative 
remains underspecified. The Commission’s forthcoming guidelines under Article 6(5) could 
usefully address this question by providing a graduated set of examples illustrating where the 
boundary lies for common language-processing tasks such as summarisation, entity extraction, 
sentiment classification, topic classification, and relevance ranking. 

The risk of mission creep in general-purpose-capable AI systems — where a system assessed 
as performing a procedural or preparatory task is gradually repurposed for more substantive 
functions — warrants attention. The Article 6(3) assessment is made at a point in time, anchored 
to the provider’s documented intended purpose. But the capabilities of modern AI systems, 
particularly those based on LLMs, often extend well beyond any single documented purpose, 
and evolve quickly. The existing mechanism of Article 25(1)(c), which reclassifies deployers 
as providers when they use a system beyond its intended purpose, provides a formal safeguard, 
but its practical effectiveness depends on the willingness and capacity of supervisory authorities 
to monitor actual deployment practices. 

The framework proposed here has been finalised in early May 2026. It is developed on the basis 
of doctrinal analysis and information theory and tested against illustrative cases. It has not been 
subjected to empirical validation against a comprehensive taxonomy of real-world AI deploy-
ments across all Annex III areas. As enforcement practice develops and the Commission’s 

 
103 See Crootof, Kaminski, and Price (2023) 473–487 and thesis footnotes 81 and 100. 
104 As Mahler and Schwemer (2024) 1143 point out, a market surveillance authority’s evaluation of a self-classified 

not-highrisk AI system under Article 80(1) would typically start from the documentation registered under 
Article 6(4) in the EU database. A more granular documentation requirement would correspondingly enrich 
the basis both for that downstream review, and for the notification to the Commission when adopting restric-
tive measures through the Article 81 mechanism, see Tosoni and Esayas (2024) 1154–1155. 
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forthcoming Article 6(5) guidelines are adopted, the criteria may need to be refined, supple-
mented, or reconsidered. The framework is offered as an initial contribution to a discourse that 
will continue to evolve through the interaction of academic analysis, regulatory guidance, su-
pervisory practice, and — in time — the jurisprudence of the Court of Justice. 
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Appendix: Applying the Article 6(3)(a) and (d) criteria to illustrative 
examples 

 

Application to illustrative examples 

To demonstrate the practical application and test the robustness of the proposed criteria, this 
section applies the framework to illustrative cases drawn from Annex III sectors. These exam-
ples are not intended as empirical claims about industry practice but as analytical exercises 
designed to concretise and stress-test the criteria. 

Document translation for asylum assessment 

Case: An AI system is provided to translate asylum applicants’ written statements to the lan-
guage of the receiving state. The translations serve as input to the eligibility assessment per-
formed by the asylum case officer. 

Criterion Assessment 

0. Is the intended use 
within an Annex III 
area? 

Asylum application examination is part of Annex III area 7. 

1. Does the task involve 
profiling of natural 
persons? 

The system processes personal data but does not evaluate per-
sonal aspects; translation is a linguistic operation, not an as-
sessment of the person. 

2. Is the task specific, de-
fined, and bounded? 

The task is specific and bounded: input is a document in the 
applicant’s native language; output is the same document in the 
target language. 

3. Is the task syntactic or 
semantic? If semantic, 
is it preparatory to an 
assessment? 

Translation involves semantic processing (engagement with 
meaning) but does not generate evaluative conclusions about 
the applicant’s credibility, the merits of their claim, or any other 
aspect relevant to the following assessment. It is not merely 
procedural, but it is purely preparatory. 

4. Does the task output 
bear on the substance 

The output (a translated document) makes information accessi-
ble but does not alter its substantive content; the same infor-
mation is available in both languages. At first glance the coun-
terfactual test is met: minor differences in translation approach 
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of an assessment or 
decision? 

would not change the underlying facts. On the other hand, im-
portant linguistic nuances might, as they say, be “lost in trans-
lation”. 

5. Is the task output 
transparent and verifi-
able? 

This is where the analysis requires contextual sensitivity. If the 
case officer has access to the native language proficiency – ei-
ther personally or through a qualified interpreter – the transla-
tion is verifiable and the criterion is met if it can be demon-
strated that such access is not illusory. If, however, the case 
officer must rely exclusively on the AI translation without any 
means of verification, the output becomes functionally deter-
minative of the informational basis for the assessment. In the 
latter scenario, the criterion is not satisfied.105 

6. Is the task output in-
herently resistant to 
uncritical reliance? 

A translated document presents factual content without evalu-
ative framing and is inherently resistant to automation bias, 
provided the assessor is aware that the text is AI-translated, and 
has mandate and access to native language proficiency in cases 
of doubt. 

Conclusion: The system may qualify for the Article 6(3)(d) carve-out, but 
only where the conditions of deployment ensure practical veri-
fiability of the translation. The same AI system may qualify in 
one deployment context and not in another – a result consistent 
with the task-centred and context-dependent nature of the Arti-
cle 6(3) assessment. 

 

Selecting job interview candidates: a multi-stage recruitment workflow 

Job applicant data extraction 

Case: The AI system extracts structured data fields from CVs and cover letters: names, contact 
details, educational qualifications, dates of employment, certifications, and language proficien-
cies. 

Criterion Assessment 

 
105 See the discussion in Section 3.3.2, where the same example is used to illustrate the contextual dimension of 

the verifiability requirement. 
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0. Is the intended use 
within an Annex III 
area? 

Recruitment is part of Annex III area (4)(a). 

1. Does the task involve 
profiling of natural 
persons? 

The system processes personal data but does not evaluate per-
sonal aspects; it performs data extraction and conversion, not 
assessment of the person. The profiling threshold is not en-
gaged. 

2. Is the task specific, de-
fined, and bounded? 

The task is specific (extract specified data), bounded (input: 
CVs and cover letters; output: structured data fields), and nar-
row. 

3. Is the task syntactic or 
semantic? If semantic, 
is it preparatory to an 
assessment? 

The operation is strictly syntactic: it maps unstructured text to 
structured data fields using formal parsing rules. It precedes a 
following, functionally separate assessment. It is both proce-
dural and preparatory. 

4. Does the task output 
bear on the substance 
of an assessment or 
decision? 

The output (a structured set of data) does not bear on the sub-
stance of the hiring decision; the same substantive information 
is available to the assessor in the original CV. 

5. Is the task output 
transparent and verifi-
able? 

The output is transparent (the assessor understands that data has 
been extracted) and verifiable (the assessor can check each data 
point against the source documents). 

6. Is the task output in-
herently resistant to 
uncritical reliance? 

A structured set of data does not invite uncritical reliance; it 
presents factual data without suggesting evaluative conclu-
sions. 

Conclusion: The system satisfies all six criteria and qualifies for both Article 
6(3) carve-out (a) and (d). 

 

Score candidates against clear, rules-based criteria 

Case: The AI system assigns numerical scores to candidates based on transparent, predefined 
criteria: for example, awarding points for each year of relevant work experience, for specific 
educational degrees, and for listed language proficiencies. The scoring formula is crafted by 
natural persons, documented, fixed, and deterministic. 
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Criterion Assessment 

1. Does the task involve 
profiling of natural 
persons? 

Despite the mechanical nature of the scoring, the system uses 
personal data to evaluate aspects of the natural person – their 
qualifications and experience – in relation to the job require-
ments. This constitutes profiling within GDPR Article 4(4). 
The assessment terminates here. 

Conclusion: The Article 6(3) carve-outs do not apply. The fact that the scor-
ing formula is transparent and rule-based does not change its 
characterisation as profiling in the context of Article 6(3): The 
relevant question under the profiling override is not whether the 
evaluation is sophisticated or opaque, but whether it constitutes 
an automated evaluation of personal aspects – which it plainly 
does. 

It might seem counterintuitive that such clear, rules-based pro-
cessing should not be covered by a derogation. This use case 
could in fact be covered by another AI Act “safety valve”, that 
of the definition of “AI system” in itself: Recital (12) specifies 
that the notion of “AI system” should not cover systems “that 
are based on the rules defined solely by natural persons to au-
tomatically execute operations”. In other words, such scoring 
tasks can be automated outside the scope of the AI Act by as-
signing them to separate systems without machine learning 
components or other features covered by the “AI system” defi-
nition.  

 

Score candidates against ambiguously defined criteria 

Case: The AI system evaluates candidates against soft criteria such as “leadership potential,” 
“cultural fit,” or “communication skills,” producing a qualitative or numerical assessment. 

The analysis is identical to the previous sub-task in its engagement of the profiling override, 
but the additional ambiguity of the criteria compounds the concerns at every subsequent level. 
Even setting aside the profiling threshold, the task fails at Criterion 3 (the operation is semantic, 
requiring evaluative judgment about the person), Criterion 4 (the output bears directly on the 
substance of the hiring decision), Criterion 5 (the output is opaque – the basis for a “cultural 
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fit” score cannot meaningfully be verified by the human assessor), and Criterion 6 (an evalua-
tive score on ambiguous criteria is maximally susceptible to automation bias). Likewise, as such 
soft criteria are all but impossible to capture in formal rules designed solely by natural persons, 
the above-mentioned “AI system”-definition escape is closed. 

Create a final ranking of candidates 

Case: The AI system produces a ranked list of candidates for the recruiter’s consideration. 

This is the composite output of the preceding scoring stages. Whether the ranking is based on 
rule-based scores, ambiguous criteria, or a combination, the system evaluates personal aspects 
of natural persons and produces an output that directly structures the hiring decision. The pro-
filing override applies. Even if the profiling override were not applicable, the system would fail 
at Criterion 3 (the ranking involves semantic evaluation of candidates’ suitability), Criterion 4 
(the ranking bears on the substance of the hiring decision by directing the recruiter’s attention), 
and Criterion 6 (a relevance ranking is precisely the kind of output that invites uncritical reli-
ance). 

Observations from applying the criteria to the recruitment workflow 

The recruitment workflow example demonstrates a characteristic gradient: the earliest stages 
(data extraction) are genuinely procedural or preparatory and may qualify for a carve-out, while 
each successive stage introduces evaluative elements that move the system further from the 
procedural or preparatory domain and into the territory of substantive assessment. The example 
also illustrates the importance of the profiling override as a decisive threshold: the moment an 
AI system begins evaluating the suitability, qualifications, or personal characteristics of candi-
dates – even through transparent, rule-based criteria – it constitutes profiling and is categori-
cally high-risk.106 

Writing a medical journal: a multi-stage clinical documentation workflow 

Transcribe audio recordings to text 

Case: An AI system converts the audio recording of a medical consultation into a written tran-
script. 

 
106 The recruitment example thus confirms that the transition from carve-out eligible to non-eligible may occur at 

a very early stage in the workflow. When processing data about natural persons only the most mechanical 
extraction and structuring sub-tasks survive the framework’s initial “filter”: From the moment the system 
begins to summarise, rank, or evaluate candidates – even by reference to predetermined criteria – it crosses 
the threshold into evaluative territory, and the profiling override removes the Article 6(3) carve-out from the 
picture entirely. 
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Criterion Assessment 

0. Is the intended use 
within an Annex III 
area? 

Clinical documentation may contribute to the evaluation of the 
eligibility of natural persons for healthcare services – Annex III 
area (5)(a) – and in risk assessment in life and health insurance 
– Annex III area (5)(c). 

AI systems generating clinical documentation might also be 
products covered by Article 6(1) and Annex I A(11) – such sys-
tems are out of scope for the Article 6(3) derogations. 

1. Does the task involve 
profiling of natural 
persons? 

The system processes personal data (the patient’s voice, name, 
and health-related statements) but does not evaluate personal 
aspects; it converts speech to text without assessing the per-
son’s medical condition or any other personal characteristic. 

2. Is the task specific, de-
fined, and bounded? 

The task is specific and bounded (input: consultation audio re-
cording; output: text transcription of the recording). 

3. Is the task syntactic or 
semantic? If semantic, 
is it preparatory to an 
assessment? 

The operation involves semantic processing – converting spo-
ken language to written form requires engagement with mean-
ing – but does not generate evaluative conclusions about the 
patient’s health or treatment. 

4. Does the task output 
bear on the substance 
of an assessment or 
decision? 

The transcript makes information accessible in a different mo-
dality without altering its content; the same information is 
available in the original audio recording. 

5. Is the task output 
transparent and verifi-
able? 

The output is transparent and verifiable: the physician can lis-
ten to the original recording and check the transcript. This ver-
ification capacity is critical; if the audio was not stored, or de-
leted before verification, the criterion would require reassess-
ment. 

6. Is the task output in-
herently resistant to 
uncritical reliance? 

A verbatim transcript does not invite uncritical reliance in the 
way that a summary or analysis would. 
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Conclusion: The Article 6(3)(d) carve-out applies, provided that the original 
audio remains accessible for verification. This is analogous to 
the document translation example above. 

 

Classify speakers (doctor, patient(s)) 

Case: The AI system identifies and labels which portions of the transcript were spoken by the 
doctor and which by the patient(s). 

Criterion Assessment 

1. Does the task involve 
profiling of natural 
persons? 

The system processes personal data (voice characteristics) but 
does not evaluate personal aspects of the patient in any mean-
ingful sense; speaker identification is a formal classification 
based on acoustic or contextual features, not an assessment of 
the person’s health, behaviour, or characteristics. 

2. Is the task specific, de-
fined, and bounded? 

The task is specific and bounded (input: consultation audio re-
cording; output: text transcription of the recording with speaker 
labels). 

3. Is the task syntactic or 
semantic? If semantic, 
is it preparatory to an 
assessment? 

The operation involves a significant degree of semantic pro-
cessing (audio to text, distinguishing speakers by vocal charac-
teristics) but the classification is formal (who spoke) rather than 
evaluative (what the speech means for the patient’s condition). 

4. Does the task output 
bear on the substance 
of an assessment or 
decision? 

Speaker labels do not alter the substantive content of the tran-
script; they merely make it more accessible for a later assess-
ment. 

5. Is the task output 
transparent and verifi-
able? 

The output is verifiable – the physician, who was present at the 
consultation, can readily confirm speaker attributions. 

6. Is the task output in-
herently resistant to 
uncritical reliance? 

Speaker labels do not invite uncritical reliance in the medical 
assessment. 
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Conclusion: While the degree of semantic processing is larger than for the 
transcription subtask, the Article 6(3)(d) carve-out still applies, 
again provided that the original audio remains accessible for 
verification. 

 

Classify message content (symptoms, diagnoses, medical advice, prescription 
references) 

Case: The AI system assigns semantic labels to segments of the transcript, categorising state-
ments as descriptions of symptoms, diagnostic conclusions, therapeutic advice, medication ref-
erences, and so on. 

Criterion Assessment 

1. Does the task involve 
profiling of natural 
persons? 

The system uses the patient’s personal data to classify state-
ments about their medical condition. Categorising a patient’s 
statement as a “symptom” involves some evaluation of the 
medical significance of what the patient has said – depending 
on the level of detail this could approach the threshold of as-
sessing a person’s “health” within the meaning of GDPR Arti-
cle 4(4). A binary “symptom: True/False” classification should 
pass below the threshold, for more detailed “symptom of X” 
classifications the profiling override will soon apply.107 

2. Is the task specific, de-
fined, and bounded? 

The task is specific and bounded (input: consultation audio re-
cording; output: text transcription of the recording labelled by 
speaker and statement type). 

3. Is the task syntactic or 
semantic? If semantic, 
is it preparatory to an 
assessment? 

Classifying whether a physician’s statement constitutes a “di-
agnosis” versus “medical advice” requires significant semantic 
understanding of medical content – a judgment about the eval-
uative significance of information. Still, the task is at its core 
preparatory in nature, making no evaluation of the significance 
or correctness of the labelled statements.  

 
107 Even if such classification is based on keywords rather than clinical reasoning, such a system would evaluate 

information about a patient’s health. GDPR Article 4(4) specifies this as an example of profiling when such 
processing is used to analyse or predict aspects concerning a natural person’s health. 
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4. Does the task output 
bear on the substance 
of an assessment or 
decision? 

Like speaker labels, statement classifications primarily make 
the journal transcript more accessible for a following assess-
ment. The theoretical possibility of scenarios where such clas-
sification structures the journal in a way that shapes how sub-
sequent readers (including the consulting physician them-
selves) interpret the consultation must be balanced against effet 
utile. 

5. Is the task output 
transparent and verifi-
able? 

The output is verifiable – the physician, who was present at the 
consultation, can confirm or reject the statement classifications. 

6. Is the task output in-
herently resistant to 
uncritical reliance? 

Again, like speaker labels, high level statement classification 
(“symptom”, “diagnosis”, “medication”) does not replace med-
ical assessment of the statement’s content. 

Conclusion: The task is clearly not procedural and challenges the bounda-
ries of the Article 6(3)(d) “preparatory” derogation. Still, given 
sufficiently high-level classification categories (“symptom”, 
“diagnosis”, “medication”) and responsible users, an assess-
ment of no significant risk of harm is defensible. On the other 
hand, a system performing more detailed classification (“symp-
tom of X”, “diagnosis of illness Y”, “recommendation of med-
ication Z”) would fail multiple criteria, including the initial 
“profiling” filter. 

 

Remove non-relevant content (e.g. interruptions, off-topic discussion) 

Case: The AI system identifies and removes portions of the transcript deemed irrelevant to the 
medical record – social pleasantries, interruptions, digressions about unrelated topics. 

Criterion Assessment 

1. Does the task involve 
profiling of natural 
persons? 

The profiling filter may or may not be engaged depending on 
how the system determines “non-relevance”: if the system 
merely predicts the degree of a statement’s general “medical 
relevance”, making no evaluation of the medical content of the 
statement, it should avoid the profiling threshold. 
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2. Is the task specific, de-
fined, and bounded? 

The task is specific and bounded (input: consultation audio re-
cording; output: text transcription of the parts of the recording 
classified as medically relevant). 

3. Is the task syntactic or 
semantic? If semantic, 
is it preparatory to an 
assessment? 

Predicting medical relevance is a non-procedural task requiring 
significant semantic understanding of medical content. Further-
more, non-relevance classification includes an evaluation of the 
significance of statements that challenges the upper bounds of 
what can be defended as purely preparatory. 

4. Does the task output 
bear on the substance 
of an assessment or 
decision? 

The output is not a neutral data transformation; it is an editorial 
act that determines what information the physician and subse-
quent readers will and will not see in the final transcript. If the 
system incorrectly classifies a patient’s mention of a symptom 
as “off-topic” and removes it, that information is lost from the 
medical record – a consequence that bears directly on the sub-
stance of subsequent assessments. The counterfactual test of 
Criterion 4 is met: a time-pressed physician’s assessment could 
differ depending on what the system chose to include or ex-
clude, what the physician themselves remembers from the con-
sultation, and how much time they feel they can afford to spend 
comparing the edited transcription to the raw transcription. 
This terminates the case assessment. 

 Conclusion: Article 6(3) carve-outs do not apply. Selective removal of con-
tent from a draft medical record is an editorial function that 
bears on the substance of the medical documentation and, by 
extension, of the assessments based on it. 

 

Score confidence of classifications to prioritise human review 

Case: The AI system assigns a confidence score to each of its classifications (from sub-tasks 
above) and uses these scores to flag portions of the journal for priority human review. 

This sub-task has a dual character. On one hand, the confidence scoring is a meta-operation on 
the system’s own outputs – not a direct evaluation of the patient, or the medical content of 
transcribed statements. On the other hand, the practical effect of the confidence scoring is to 
direct the physician’s attention: high-confidence classifications may receive cursory review, 
while low-confidence classifications are flagged for closer scrutiny. This attention-directing 
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function engages Criterion 6: the confidence score creates a cognitive shortcut that incentivises 
the physician to defer to the system’s own assessment of which parts of the journal require 
careful review. The system is telling the human overseer where to look – and, implicitly, where 
not to look. This is precisely the kind of cognitive pre-structuring that the Article 14 safeguards 
are designed to counteract.108 

Conclusion: Article 6(3) carve-outs do not apply. The confidence scoring directs the human 
assessor’s attention in a manner that bears on the quality and thoroughness of the medical re-
view. 

Observations from applying the criteria to the clinical documentation workflow 

The speaker-labelling and statement-classification subtasks illustrate that an AI system may 
perform semantically rich operations and still qualify under Article 6(3)(d), provided that the 
task remains genuinely preparatory and does not steer the subsequent medical assessment. By 
contrast, the confidence-scoring subtask shows the boundary of that conclusion. A system that 
labels speakers or statement types without confidence scores may remain within the carve-out, 
while a system returning the same labels with confidence scores may fall outside it, because the 
scores direct the physician’s attention and invite reliance on the system’s own assessment of 
reliability. The result is counterintuitive: providing the physician more information shifts the 
system into a higher risk category. In my view, de lege lata the distinction is defensible. Article 
6(3) is concerned not with the volume of information an AI system produces, but with whether 
the form of that information meaningfully shifts cognitive effort from the human assessor to 
the system. A bare classification leaves the assessor in the position of judging whether to trust 
each label on its own evidentiary footing; a confidence-scored classification invites the assessor 
to partially delegate that judgment to the system. The Article 14 design requirements are cali-
brated to the latter case, and so is the high-risk regime as a whole. The de lege ferenda question 
of whether providers should be incentivised differently, for example, by allowing a graduated 
regime that admits transparent confidence reporting under stricter human-oversight conditions, 
is taken up in Section 5.4. 

 
108 The confidence score illustrates the Article 14 paradox discussed in Section 4.2.6: a system output that is nom-

inally designed to support human oversight may in practice structure and direct the human decision-maker’s 
attention. By flagging which sections require review, the confidence score defines the scope of the physician’s 
scrutiny, creating the very automation bias it purports to mitigate. 


